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ABSTRACT 
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CHAPTER ONE

OVERVIEW OF THE STUDY

Artificial intelligence (AI) is rapidly transforming the accounting profession, automating 

tasks once considered core to human expertise and reshaping how value is created across firms. 

AI-driven tools now perform anomaly detection, audit sampling, tax preparation, and real-time 

reporting with unprecedented speed and accuracy (Alruwaili & Mgammal, 2025). While the 

technological infrastructure has advanced significantly, firms often lag in preparing their 

workforce to operate alongside these tools, making the need to reskill accountants through 

structured, firm-sponsored training programs increasingly urgent (Choi & Xie, 2025; Law & 

Shen, 2025). Despite growing calls for ethical, human-centered AI implementation, few studies 

have investigated how these training programs are actually experienced by employees or how 

they are designed by firms to promote effective and responsible adoption.

This qualitative phenomenological study explores the lived experiences of accounting 

professionals who have participated in AI reskilling programs within U.S. firms. The study uses 

reflexive thematic analysis as an analytic technique within the phenomenological design to 

identify key patterns and themes in participant narratives, the research investigates three core 

dimensions: perceived productivity gains, impacts on job satisfaction, and how training design 

aligns with ethical policies and internal governance standards. By capturing practitioner 

perspectives through semi structured interviews, this study seeks to fill an important gap in both 

academic literature and professional practice. It builds on recent findings from Stratopoulos and 

Wang (2025) and Elnakeeb and Elawadly (2025), and others who have emphasized the need for 

people centered approaches to AI integration in professional services. The aim of this study is to 

generate actionable insights that can guide firm leaders in designing effective AI training 
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strategies grounded in evidence and aligned with evolving ethical standards. The study is both 

feasible and timely: scholarly literature on AI in accounting is expanding, public interest in 

responsible AI use is rising, and access to qualified participants is viable through industry 

partnerships and professional associations. By focusing on the intersection of AI technology, 

human performance, and organizational ethics, the research contributes to a growing body of 

business literature and meets the practical demands of firms navigating AI transformation with 

strategic foresight and human-centered leadership.

Background of the Problem

AI has emerged as a disruptive force within the accounting profession, with implications 

far beyond simple automation. Once defined by manual, rule-based processes, accounting now 

operates in an environment where machine learning, generative AI, and predictive analytics are 

rapidly integrated into core functions such as audit sampling, financial reporting, and tax 

compliance (Alruwaili & Mgammal, 2025; Greenman et al., 2024; Organisation for Economic 

Co-operation and Development [OECD], 2020). The profession is evolving from data entry and 

reconciliation to real-time analysis, anomaly detection, and strategic advising yet the pace of 

workforce reskilling has not kept up with the acceleration of AI integration (Choi & Xie, 2025).

The imbalance between technological adoption and human adaptation represents a critical 

issue for business performance, regulatory compliance, and employee well-being. Choi and Xie 

(2025) found that accounting teams exposed to firm-sponsored AI training outperformed those 

without such support, demonstrating higher confidence in using AI tools and achieving faster, 

more accurate outputs. However, their study also highlighted wide disparities in how firms 

approach training: some offer formalized learning pathways, while others rely on informal, ad 

hoc exposure that leaves employees unprepared. These inconsistencies lead to uneven 
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productivity gains, employee stress, and missed opportunities for value creation (Brynjolfsson et 

al., 2025).

Elnakeeb and Elawadly (2025) in a large-scale bibliometric review, noted that while 

academic publications on AI in accounting have grown exponentially in the past five years, very 

few have addressed how accounting professionals are being prepared to engage with these 

technologies in practice. Their analysis emphasized a critical research gap one where the human 

dimension of AI adoption remains largely underexplored, particularly in terms of training, 

support systems, and ethical awareness. Similarly, Stratopoulos and Wang (2025) argued that 

future research must account for both technological capabilities and human interaction with AI 

systems, particularly as these tools shift decision-making authority and introduce new risks and 

responsibilities.

Importantly, AI’s impact is not limited to workflow or output it also affects how 

professionals perceive their roles and careers. Greenman et al. (2024) observed that while AI can 

eliminate repetitive tasks and free up time for strategic thinking, it can also generate fear of 

obsolescence, especially in environments where AI is introduced without meaningful 

engagement or training. Alruwaili and Mgammal (2025) supported this view, highlighting that 

anxiety over job security and role ambiguity has become a growing concern in firms where 

digital transformation is pursued without sufficient investment in people. In contrast, firms that 

implement human-centered, well structured reskilling programs tend to report stronger morale, 

higher retention, and better adaptation to enhanced AI workflows.

A related dimension of the problem lies in the ethical and policy implications of AI use in 

accounting. As AI tools make increasingly autonomous decisions in areas such as financial 

workflow or output, it also affects how professionals perceive their roles and careers 
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(Coeckelbergh, 2020). Axelson (2023) demonstrated that explainability and bias in AI models 

can materially affect the accuracy and reliability of accounting outcomes. Despite these risks, 

many firms fail to incorporate ethical guidelines or policy awareness into their training modules. 

According to The CPA Journal (2025), there is growing pressure on accounting leaders to ensure 

that AI tools are used responsibly and that employees are equipped not only with technical skills, 

but also with knowledge of regulatory compliance, data governance, and ethical standards.

This final point underscores a growing need for accounting firms to establish structured, 

ethically grounded approaches for integrating AI. Although concerns about accuracy, bias, and 

transparency are increasingly recognized, many organizations still lag in developing the human 

competencies required to use these tools responsibly. This gap between rapid AI adoption and 

insufficient workforce preparation sets the stage for the central problem addressed in the 

following section. 

Statement of the Problem

The general problem is that accounting firms in the United States are integrating artificial 

intelligence (AI) technologies at a rapid pace, often outpacing their parallel efforts to reskill 

employees. This imbalance has contributed to emerging issues in employee productivity, job 

satisfaction, and alignment with ethical standards (Greenman et al., 2024). The specific problem 

is that only a limited number of accounting firms have adopted structured, human-centered AI 

reskilling programs designed to improve employee preparedness, support job satisfaction, and 

ensure ethical competence among practitioners (Choi & Xie, 2025; Stratopoulos & Wang, 2025).
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This qualitative study seeks to address this gap by exploring the lived experiences of mid- 

to senior level accounting professionals who have participated in firm-sponsored AI reskilling 

programs. Through rich, firsthand narratives, the study aims to uncover how these programs 

influence perceived productivity, job satisfaction, and ethical awareness. By prioritizing the 

human dimension of AI integration, the research has the potential to generate practical, 

experience driven insights that inform more effective, ethically grounded, and human-centered 

AI implementation strategies within the accounting profession The population for this study will 

consist of mid- to senior level accounting professionals employed at U.S.-based accounting firms 

that have implemented internal AI reskilling initiatives within the past three years. Participants 

will be purposefully selected to ensure they have direct experience with structured reskilling 

programs and can provide informed perspectives on the personal and professional impacts of AI 

integration. This population is particularly relevant due to their dual role as decision influencers 

and knowledge workers positioning them uniquely to reflect on both operational and ethical 

dimensions of AI adoption in the accounting field.

Purpose of the Study

The purpose of this qualitative phenomenological study is to explore the lived 

experiences of mid to senior level licensed accountants in California who have participated in 

firm sponsored artificial intelligence (AI) reskilling programs. This study focuses on how these 

professionals perceive the impact of such initiatives on their productivity, job satisfaction, and 

ethical policy awareness. Through semi structured interviews, the study seeks to understand how 

participants internalize and apply AI training in real-world practice.



17

AI RESKILLING IN ACCOUNTING FIRMS

The research design is phenomenological, allowing the researcher to gain an 

understanding of the lived experiences of accounting professionals as they engage with 

technological and ethical transformations in the profession. The target population includes 

professionals working in firms that have adopted AI and implemented formal reskilling 

initiatives within the past three years. This is grounded in the Resource Based View (RBV) 

theoretical framework, which positions reskilled professionals as valuable internal resources. The 

findings aim to inform both scholarly discourse and organizational strategy regarding AI 

integration and human capital development.

Research Questions

RQ1: What are the lived experiences of mid to senior level accounting 

professionals who have completed firm sponsored AI reskilling programs, particularly 

regarding perceived productivity?

RQ2: What are the lived experiences of mid to senior level accounting 

professionals who have completed firm sponsored AI reskilling programs, particularly 

regarding job satisfaction?

RQ3: What are the lived experiences of mid-to-senior level accounting 

professionals who have completed firm sponsored AI reskilling programs, particularly 

regarding ethical awareness?

Theoretical Framework

The Resource Based View (RBV) is a strategic management theory that emphasizes a 

firm’s internal resources as the basis for achieving sustained competitive advantage. Developed 

by Barney (1991), the RBV argues that resources must be valuable, rare, inimitable, and non-

substitutable (VRIN) to contribute meaningfully to long term performance. These resources may 
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include intangible assets such as organizational culture, employee expertise, and technological 

capabilities, which together form a foundation for strategic differentiation.

RBV has been widely adopted in empirical research across industries to explore how 

internal assets influence firm performance. For instance, Benitez et al. (2022) used RBV to 

assess the strategic role of IT resources, while Knott (2021) reviewed how entrepreneurial 

ventures leverage internal capabilities. Similarly, Agrawal et al. (2022) examined big data 

analytics as a strategic organizational resource in accounting, demonstrating its potential as a 

source of competitive differentiation. These studies demonstrate the versatility of RBV in 

examining how firms transform unique internal resources into competitive advantage, 

particularly in dynamic and knowledge driven environments.

This study applies to the RBV framework to evaluate how firm-sponsored AI reskilling 

initiatives function as strategic internal resources. Specifically, the research considers AI literate 

accounting professionals equipped with technical and ethical competencies as valuable human 

capital. Framing these reskilling efforts as VRIN aligned assets positions them not merely as 

training programs but as long term strategic investments. Accordingly, this study investigates 

how AI focused workforce development enhances both individual job satisfaction and 

organizational integrity, reinforcing competitive resilience in a rapidly evolving business 

landscape.

Significance of Study

This study makes three key academic contributions to the fields of strategic management, 

accounting, and AI workforce development First, it advances the Resource Based View (RBV) 

by conceptualizing ethical adaptability as a strategic resource within human capital. Traditional 

RBV literature focuses on technical competencies such as VRIN (valuable, rare, inimitable, and 
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non-substitutable) assets. However, in the context of AI integration, this research argues that 

ethical awareness and digital responsibility are equally essential for sustaining competitive 

advantage. By integrating these intangible capabilities into the RBV framework, the study 

enhances theoretical understanding of how firms can remain resilient in a rapidly evolving digital 

landscape.

Second, the study fills a significant empirical gap by exploring the lived experiences of 

mid to senior level accounting professionals undergoing AI reskilling. Most existing research 

emphasizes early career employees or focuses solely on technology implementation outcomes. In 

contrast, this study provides rich qualitative insights into how seasoned professionals perceive AI 

training initiatives in relation to job satisfaction, productivity, and ethical policy engagement 

offering a more nuanced understanding of workforce transformation in professional services.

Third, the research contributes to interdisciplinary academic discourse by linking AI 

capability development with ethical implementation practices. While much of the literature treats 

AI adoption and workplace ethics as separate domains, this study connects them by analyzing 

how AI reskilling shapes ethical awareness and policy alignment within accounting firms. This 

integrated perspective supports the development of a more holistic academic framework for 

responsible AI integration, contributing to both the information systems and business ethics 

literature.

Assumptions, Limitations, and Delimitations of the Study

To ensure the rigor and credibility of qualitative research, it is essential to clarify 

foundational elements such as assumptions, limitations, and delimitations. These components 

provide the contextual boundaries of the study and help readers interpret findings appropriately. 
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This section outlines the underlying assumptions, potential limitations, and the scope of the 

study’s focus.

Assumptions

In qualitative research, assumptions refer to underlying beliefs or conditions accepted as 

true for the purposes of the inquiry, despite not being fully verifiable in advance (Creswell & 

Poth, 2018; Simon, 2011). The first assumption is that licensed mid-to senior level accountants 

will be willing and able to recall and describe, to the best of their ability, their lived experiences 

related to firm-sponsored AI reskilling. It is further assumed that participants will provide honest 

and reflective responses, and that their perspectives will offer insights transferable to similar 

California based organizations.

Another assumption is that organizational AI reskilling programs are sufficiently mature 

to influence perceptions of productivity, job satisfaction, and workforce resilience. Furthermore, 

it is assumed that the selected participants will have had meaningful engagement with the 

reskilling context and can articulate their experiences in detail. To mitigate risks associated with 

these assumptions, the study will employ member checking and reflective journaling to enhance 

credibility and confirmability (Lincoln & Guba, 1985).

Limitations

Limitations are constraints outside the researcher’s control that may influence the scope 

or generalizability of the findings (Simon, 2011). The primary limitation of this study is its 

geographic focus on accounting professionals in California which may limit the transferability of 

findings to other states or countries. Additionally, the non-random, purposeful sampling 

technique introduces potential for self-selection bias, as individuals with particularly positive or 

negative AI reskilling experiences may be more inclined to participate in the reliance on 
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retrospective self-reporting via semi structured interviews also introduces recall bias, as 

participants may unintentionally misrepresent their experiences or emphasize certain elements 

over others. The study’s sample size (9–15 participants) further limits generalizability, which is 

consistent with the phenomenological tradition but still constrains broader applicability to 

mitigate these limitations, the study will adopt triangulation (e.g., reviewing AI training 

documents when possible), employ rich, thick descriptions of context, and maintain rigorous 

audit trails during data analysis. These strategies strengthen the dependability and transferability 

of the findings while transparently acknowledging the scope of inference (Creswell & Poth, 

2018).

Delimitations

Delimitations are boundaries intentionally set to refine the scope and feasibility of a study 

(Simon, 2011). This study is delimited to license mid to senior level accountants in California 

who have participated in firm-sponsored AI reskilling programs within the past three years. 

These parameters exclude entry level accountants, self-trained professionals, and individuals 

outside the targeted geographic region or those lacking formal training. The study focuses 

exclusively on three constructs: perceived productivity, job satisfaction, and ethical policy 

awareness. Other potentially relevant outcomes, such as career advancement or client 

relationships, are intentionally excluded to maintain methodological alignment and ensure 

manageable data collection and analysis. Narrowing the scope supports a deep, context rich 

exploration of the selected themes while acknowledging that broader variables and populations 

remain outside the study’s current reach. 
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Definitions and Key Terms

AI Reskilling

AI reskilling refers to structured learning programs, typically offered by employers, that 

aim to equip professionals with the competencies needed to use artificial intelligence (Kaplan & 

Haenlein, 2020; Quattrone, 2022) technologies such as machine learning, automation, and data 

analytics effectively in their roles (Choi & Xie, 2025).

Ethical Policy Awareness 

Ethical policy awareness refers to an individual’s understanding of, and sensitivity to, 

formal rules, professional codes, and ethical expectations related to AI usage within accounting 

practices. This includes awareness of data privacy, transparency, fairness, and regulatory 

compliance (Floridi et al., 2018).

Job Satisfaction

Job satisfaction is a professional’s subjective evaluation of their work experience, 

reflecting emotional fulfillment, alignment with career goals, and perceived value within their 

organization (Greenman et al., 2024).

Perceived Productivity

Perceived productivity refers to how individuals evaluate their own efficiency and output 

quality in their professional roles, particularly following the adoption of new tools or training 

such as AI technologies (Stratopoulos & Wang, 2025).

Reskilling

Reskilling is the process through which employees acquire new knowledge, skills, and 

competencies that allow them to transition into new roles or adapt to evolving workplace 
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technologies, particularly in response to digital transformation (Aguinis & Kraiger, 2009; 

Dwivedi et al., 2021).

Strategic Human Capital

Strategic human capital refers to the collective capabilities, knowledge, and skills of an 

organization’s workforce that are considered valuable, rare, inimitable, and organized (VRIO) to 

contribute to sustained competitive advantage (Barney, 1991; Gerhart & Feng, 2021).

Organization and Summary

Chapter One established the context and rationale for this study on AI reskilling in 

accounting. It outlined the background of the problem, identified a research gap in current 

practice, and clarified the study’s purpose, significance, and conceptual grounding in the 

Resource-Based View (RBV) framework. The chapter introduced the three research questions 

guiding the study and defined key assumptions, limitations, and delimitations. Key terms were 

operationally defined to guide understanding throughout the project.

Chapter Two will review relevant literature on AI in accounting, reskilling practices, and 

ethical policy awareness, providing deeper theoretical grounding. Chapter Three will describe 

the methodology used for this phenomenological study, including participant selection and data 

collection procedures. Chapter Four will present the findings from participant interviews, while 

Chapter Five will discuss the implications of those findings, make recommendations for 

professional practice, and suggest areas for future research.
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CHAPTER TWO

This chapter synthesizes the relevant scholarly literature addressing AI adoption in 

accounting and the reskilling imperatives facing accounting professionals. The review examines 

three intersecting domains: (a) artificial intelligence technologies and their application to 

accounting practice, (b) professional reskilling and continuing education in the context of 

technological disruption, and (c) the Resource-Based View (RBV) framework as a lens for 

understanding how accounting professionals develop and leverage new competencies. Together, 

these literatures provide the conceptual foundation for exploring how mid-to-senior level 

accounting professionals in California experience and navigate reskilling in the AI era.

Review of Related Literature

Artificial intelligence (AI) technologies are rapidly transforming the accounting 

profession by automating routine processes, enhancing analytical capabilities, and enabling real-

time financial insights. The integration of AI tools within accounting and auditing environments 

has accelerated over the past decade as organizations seek to improve operational efficiency, 

decision-making accuracy, and data processing capabilities (Brynjolfsson et al., 2025; Kokina & 

Blanchette, 2019). Accounting professionals increasingly interact with AI-powered systems 

capable of performing tasks such as anomaly detection, financial forecasting, transaction 

classification, and audit analytics. These developments are reshaping the nature of accounting 

work, shifting professional responsibilities from routine transaction processing toward analytical 

oversight and strategic decision-support (Moll & Yigitbasioglu, 2019; Oesterreich et al., 2019; 

Stratopoulos & Wang, 2025).

Despite the operational benefits associated with AI adoption, technological 

implementation alone does not guarantee improved organizational performance. Research 
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consistently demonstrates that workforce capabilities play a critical role in determining whether 

organizations can effectively leverage advanced technologies (Dwivedi et al., 2021; Gerhart & 

Feng, 2021). As AI technologies become integrated into accounting workflows, professionals 

must acquire new competencies that allow them to interpret algorithmic outputs, manage 

automated processes, and apply professional judgment in technology assisted environments 

(Arntz et al., 2020). Consequently, workforce reskilling has emerged as a strategic priority for 

organizations seeking to successfully implement AI technologies in accounting and auditing 

contexts (World Economic Forum, 2023).

AI reskilling refers to structured training initiatives designed to help employees develop 

the technological, analytical, and cognitive capabilities needed to work effectively with AI 

systems (Dwivedi et al., 2021). Specifically, professionals must acquire the competencies 

required to collaborate effectively with AI systems. Within accounting environments, reskilling 

programs often include training in data analytics, automation tools, machine learning concepts, 

and digital auditing technologies. Research indicates that organizations investing in workforce 

development are more likely to achieve productivity gains from technological adoption 

compared with firms that focus exclusively on acquiring technological infrastructure 

(Brynjolfsson et al., 2025; Marr, 2021; Rahman et al., 2024). However, scholars have also noted 

that technological transformation can produce complex effects on employees, influencing not 

only productivity outcomes but also professional identity, job satisfaction, and ethical decision-

making responsibilities.

The purpose of this literature review is to examine existing scholarly research related to 

AI reskilling in accounting organizations and to synthesize current knowledge regarding how 
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reskilling initiatives influence accountants’ professional experiences. The review is organized 

around three central factors: AI reskilling and perceived productivity, AI reskilling and job 

satisfaction, and ethical policy awareness within AI-enabled accounting environments. These 

factors correspond directly to the research questions guiding the study and reflect key 

dimensions of workforce transformation in technologically advanced professional environments.

This chapter is guided by the Resource Based View (RBV) theoretical framework. RBV 

conceptualizes organizational resources including human capital as critical drivers of sustained 

competitive advantage (Barney, 1991; Gerhart & Feng, 2021; Huang & Rust, 2021). From an 

RBV perspective, the strategic value of AI technologies depends on organizations’ ability to 

develop employees capable of effectively utilizing those technologies (Agrawal et al., 2022). AI 

reskilled accounting professionals therefore represent a form of strategic human capital that 

enables organizations to convert technological investments into improved performance 

outcomes.

The chapter proceeds as follows. First, the literature search strategy and selection criteria 

are described to ensure methodological transparency in the review process (Page et al., 2021). 

Next, the Resource Based View theoretical framework is examined as the conceptual foundation 

guiding the study. The chapter then synthesizes literature related to the three primary factors 

influencing AI reskilling outcomes in accounting organizations: perceived productivity, job 

satisfaction, and ethical policy awareness. The chapter concludes with a synthesis of the 

literature and identification of research gaps that justify the need for the present study.

Theoretical Framework: Resource Based View (RBV)

The theoretical foundation of this study is grounded in the Resource Based View (RBV), 

a widely established framework in strategic management that explains how organizations 
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achieve sustained competitive advantage through the effective utilization of internal resources. 

Originally introduced by Barney (1991), RBV posits that firm performance is driven not only by 

external market conditions, but by internal resources that are valuable, rare, inimitable, and non-

substitutable (VRIN). This framework is particularly applicable to the present study, as it 

provides a theoretically grounded basis for understanding how AI reskilling initiatives function 

as strategic investments in human capital that enable accounting organizations to derive 

sustained competitive value from technological transformation (Gerhart & Feng, 2021).

Within contemporary knowledge-based economies, human capital has emerged as one of 

the most critical strategic resources. Unlike physical assets or technological infrastructure, 

human capabilities such as expertise, adaptability, professional judgment, and ethical reasoning 

are difficult for competitors to replicate (Deming & Noray, 2020). As a result, organizations that 

invest in developing their workforce are better positioned to convert technological innovations 

into meaningful performance outcomes (Gerhart & Feng, 2021).

In the context of artificial intelligence (AI) integration within accounting, RBV provides 

a particularly relevant lens for understanding how organizations derive value from technological 

adoption. AI systems alone do not generate competitive advantage; rather, value is created when 

employees possess the capabilities required to interpret, apply, and govern AI generated outputs 

(Brynjolfsson et al., 2023; Dwivedi et al., 2021; Sjödin et al., 2021). Consequently, AI reskilling 

initiatives represent strategic investments in human capital, enabling accounting professionals to 

function effectively within AI-enabled environments.
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Core Principles of RBV (VRIN Framework)

RBV emphasizes that only specific types of resources contribute to sustained competitive 

advantage. According to Barney (1991), strategic resources must possess the following 

characteristics:

 Valuable 

 Rare 

 Inimitable 

 Non substitutable 

These attributes collectively determine whether a resource can generate long-term 

competitive advantage. In AI enabled accounting environments, reskilled professionals meet 

these criteria by combining technical knowledge, domain expertise, and ethical awareness. These 

integrated capabilities enable organizations to leverage AI technologies more effectively than 

competitors who lack similarly developed human capital (Deming & Noray, 2020; Gerhart & 

Feng, 2021).

Application of RBV to AI Reskilling

The present study conceptualizes AI reskilling programs as mechanisms through which 

organizations develop VRIN-aligned human capital. Through structured training, accounting 

professionals acquire competencies that allow them to interpret AI generated insights, 

collaborate effectively with intelligent systems, perform higher-order analytical and advisory 

tasks, and apply ethical judgment in technology-assisted decision-making. These competencies 

align with the VRIN criteria because they are valuable to organizational performance, rare 

among traditionally trained professionals, difficult to imitate due to their experiential and 



29

AI RESKILLING IN ACCOUNTING FIRMS

contextual nature, and non-substitutable by technology alone (Barney, 1991; Gerhart & Feng, 

2021).

From an RBV perspective, these reskilled professionals represent strategic organizational 

assets. Their capabilities are not only valuable but also difficult to imitate due to the combination 

of technical expertise, experiential learning, and professional judgment developed over time 

(Gerhart & Feng, 2021). Organizations that invest in AI reskilling thus cultivate a workforce 

whose capabilities are aligned with the VRIN framework, enabling sustained competitive 

differentiation in technology-driven accounting environments.

RBV and Study Variables

The present study applies RBV across three primary dimensions, aligning each research 

variable with human capital development. Specifically, the study examines how perceived 

productivity, job satisfaction, and ethical policy awareness each function as observable 

manifestations of the human capital developed through AI reskilling initiatives. By framing these 

constructs within the RBV lens, the study highlights how workforce development translates 

technological investment into durable organizational advantage (Barney, 1991).

First, perceived productivity is influenced by the extent to which employees can 

effectively utilize AI technologies. RBV suggests that productivity gains are not driven solely by 

automation, but by the alignment between technological tools and human capabilities 

(Brynjolfsson et al., 2023). Reskilled professionals are better equipped to interpret outputs, 

reduce errors, and shift toward higher-value tasks, thereby enhancing both efficiency and quality 

of work.

Second, job satisfaction is closely linked to workforce development. From an RBV 

perspective, investments in human capital improve employee adaptability, confidence, and role 
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clarity in technology-enabled environments. Research in strategic human resource management 

demonstrates that employee development is positively associated with job satisfaction, 

engagement, and organizational commitment (Gerhart & Feng, 2021).

Third, ethical policy awareness is conceptualized as a strategic intangible resource within 

this study. In AI enabled accounting environments, professionals must navigate complex ethical 

challenges related to data privacy, algorithmic bias, transparency, and regulatory compliance. 

Employees who possess ethical and regulatory knowledge contribute to organizational integrity 

and stakeholder trust (Dwivedi et al., 2021; Floridi et al., 2018). These capabilities are difficult to 

replicate and align with the VRIN criteria, extending RBV beyond traditional technical 

competencies

Justification for Using RBV

The selection of RBV as the theoretical framework is justified for several reasons. First, 

RBV aligns directly with the research problem, which highlights the imbalance between rapid AI 

adoption and insufficient workforce reskilling. The theory emphasizes that technological 

investments alone do not generate value; instead, value emerges when organizations develop 

internal capabilities that enable effective technology utilization (Barney, 1991).

Second, RBV provides a unified framework that integrates all three core variables of the 

study productivity, job satisfaction, and ethical awareness under the broader concept of human 

capital development. This integration is particularly valuable in a study where the three variables 

are interconnected rather than independent outcomes of reskilling. By grounding all three 

constructs within RBV, the study maintains theoretical coherence and facilitates a holistic 

understanding of how AI reskilling shapes accounting professionals’ capabilities and experiences 

(Gerhart & Feng, 2021).
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Third, RBV is well-suited to the qualitative phenomenological design of this study. By 

focusing on internal capabilities and lived experiences, the framework supports an in-depth 

exploration of how accounting professionals interpret and respond to AI reskilling initiatives. In 

particular, the phenomenological approach allows the study to capture the subjective dimensions 

of capability development such as confidence, professional identity, and perceived effectiveness 

that are central to RBV but often overlooked in quantitative analyses of firm-level performance 

(Creswell & Poth, 2018).

Finally, this study contributes to RBV literature by extending the framework to include 

ethical competencies as strategic resources. This extension reflects the evolving demands of AI 

enabled environments, where ethical considerations are integral to sustainable organizational 

performance (Floridi et al., 2018). As AI governance requirements expand, professionals with 

strong ethical awareness become increasingly rare and valuable organizational assets, further 

solidifying the case for including ethical competency within the VRIN framework (Jobin et al., 

2019).

AI Reskilling and Perceived Productivity

Contemporary literature conceptualizes productivity as a multidimensional construct 

rather than a singular output metric, incorporating efficiency, task quality, analytical depth, and 

timeliness, as well as the ability to effectively collaborate with intelligent technologies 

(Brynjolfsson et al., 2025; Parker et al., 2020). This shift reflects broader transformations in 

knowledge work, where digital augmentation reshapes how performance is evaluated and 

achieved. In accounting specifically, this multidimensional view of productivity aligns with how 

practitioners describe their own effectiveness, encompassing not only speed of task completion 

but also analytical depth and quality of professional judgment applied. Digital tools are most 
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productive when professionals are trained to interpret, validate, and apply their outputs critically 

(Davenport & Mittal, 2022; Moll & Yigitbasioglu, 2019).

In accounting and auditing contexts, emerging evidence indicates that AI and data 

analytics enhance performance by improving decision-making accuracy, automating routine 

processes, and extending analytical capabilities (Grover et al., 2022; Kokina et al., 2021; 

Lombardi et al., 2022; Stratopoulos & Wang, 2025). Additionally, technologies such as robotic 

process automation have been shown to increase efficiency while allowing professionals to focus 

on higher-value cognitive tasks (Kokina & Blanchette, 2019).In other words, AI does not 

automatically create productivity; organizations realize stronger gains when reskilling enables 

professionals to use AI tools appropriately, interpret outputs correctly, and shift effort toward 

higher-value activities.

The literature also suggests that perceived productivity is especially important in 

accounting because professional value is tied not only to speed, but also to judgment, 

defensibility, and reliability. Kokina and Blanchette (2019) showed that automation in 

accounting succeeds when firms align processes, controls, and task suitability, while Rahman et 

al. (2024) found that AI adoption can improve audit efficiency and quality when auditors and 

clients adopt complementary AI capabilities. Law and Shen (2025) similarly reported that AI use 

in audit firms changes skill requirements and is associated with improved audit quality rather 

than straightforward labor replacement. Taken together, these studies indicate that the 

productivity effects of AI are best understood as human capital effects firms benefit when 

reskilling equipped accountants to combine technological assistance with domain expertise and 

professional judgment.
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Development of AI Specific Human Capital

A central trend in literature is the shift from traditional accounting competence toward 

AI-specific human capital. Oesterreich et al. (2019) found that the digitalization of controlling, 

and management accounting is associated with a growing expectation that professionals combine 

business partner capabilities with data and IT skills. Kokina et al. (2021) likewise argued that 

automation is changing the accountant’s role and requires new competencies tied to identifying 

automation opportunities, explaining results, supporting digital transformation, and sustaining 

automated processes. More recently, Tiron-Tudor et al. (2025) documented a measurable gap 

between the skills employers seek in the AI era and the skills future professionals believe they 

possess, reinforcing the view that reskilling is not optional but foundational to performance in 

contemporary accounting environments. Collins et al. (2023) and Cooper et al. (2022) similarly 

found that accounting professionals in large firms report uneven exposure to technology 

adoption, with formal training programs playing a decisive role in bridging these competency 

gaps. 

This capability shift matters because AI tools redistribute work rather than merely 

accelerating existing routines. As accountants move away from manual processing, they are 

expected to interpret model outputs, validate anomalies, understand automation logic, and 

communicate results to decision makers. Stratopoulos and Wang (2025) described AI accounting 

research as increasingly centered on where human expertise adds value alongside AI based 

methods, and Choi and Xie (2025) provided early field evidence that generative AI use in 

accounting is linked to heterogeneous adoption patterns, perceived benefits, and task-level 

changes rather than uniform automation effects. The implication is that productivity depends on 
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whether reskilling helps accountants operate effectively in redesigned roles, not simply whether 

the firm has purchased advanced tools. 

The literature further shows that capability development is cumulative and uneven. 

Brynjolfsson et al. (2025), studying generative AI in a large work setting, found meaningful 

average productivity gains but also substantial heterogeneity across workers, with larger gains 

concentrated among less experienced employees in certain conditions. Although that study is 

outside accounting, its relevance is strong because it demonstrates that AI benefits are mediated 

by learning dynamics and worker capability. In accounting-specific settings, Law and Shen 

(2025) found that AI reshapes auditor skill demand and is associated with upskilling rather than 

wholesale displacement. Together, these findings suggest that AI reskilling may narrow 

productivity gaps for some workers while widening them for others if organizations do not 

provide structured, role appropriate training. 

Another recurring insight is that technical familiarity alone is insufficient. Mohamed 

Saad (2025) emphasizes that accounting education and workforce preparation must address job 

security, competence development, and AI readiness together, while Tiron Tudor et al. (2025) 

show that market demand increasingly favors integrated digital skill profiles. In practice, this 

means AI-specific human capital includes more than software use; it includes data reasoning, 

systems thinking, process understanding, and confidence in using AI outputs within a 

professional workflow. The literature is therefore converging on a broader definition of 

competence in which reskilling must support both operational use and cognitive adaptation. 

A notable gap remains, however, in how this capability development is experienced by 

practicing accountants. Much of the literature identifies the skills that should exist, the roles that 

are emerging, or the labor-market demand for digital capabilities (Lee & Tajudeen, 2020). Far 
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less of it explains how accountants themselves perceive the relationship between training, 

competence, and productivity in their day-to-day work. Oesterreich et al. (2019) even point to a 

tension between projected future skills and what many practitioners actually use in current 

organizational practice. That tension supports the need for a phenomenological focus on 

perceived productivity rather than assuming that stated skill demand automatically translates into 

experienced performance improvement. 

Workflow Redesign, Efficiency, and Quality Outcomes

Literature consistently shows that AI and automation improve productivity most when 

they are embedded in redesigned processes rather than layered onto inefficient legacy routines. 

Kokina and Blanchette (2019) found that successful robotic process automation in accounting 

requires organizations to standardize and optimize processes, rank task suitability, adjust 

governance, and rethink internal controls. Their findings are important because they shift the 

conversation from “automation as a tool” to “automation as a process redesign challenge.” 

Productivity, from this perspective, is an outcome of organizational alignment as much as 

technology deployment.

Recent auditing research reinforces this point. Rahman et al. (2024) found that when 

audit firms and clients adopt AI in complementary ways, audit efficiency improves and the 

likelihood of restatement declines, suggesting that coordinated AI use can support both speed 

and quality. Law and Shen (2025) similarly report that AI use in audit firms is associated with 

improved audit quality and changing skill needs. The convergence across these studies is 

significant: AI-related productivity in accounting is not limited to faster throughput, but extends 

to more reliable outputs, better coordination, and stronger assurance-related performance. That 
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broader interpretation is especially relevant in professional settings where “productive” work 

must also be accurate and defensible. 

The generative AI literature adds an important extension to this discussion by showing 

that workflow gains may come from task reallocation rather than pure automation. Brynjolfsson 

et al. (2025) found that AI assistance can raise productivity while also changing how workers 

learn and execute tasks. Choi and Xie (2025) report early evidence that accountants using 

generative AI perceive benefits at both the accountant and task levels, with adoption patterns 

varying by context. These findings suggest that AI in accounting may increase productivity not 

because humans do less, but because they do different work: less manual drafting and routine 

processing, and more review, exception handling, communication, and judgment-intensive work.

At the same time, literature is not uniformly optimistic. Some studies suggest that gains 

can be delayed or diluted when AI tools are introduced without adequate role clarity, data 

readiness, or workflow integration. Kokina and Blanchette (2019) describe implementation 

issues tied to fit and governance, while Kokina et al. (2025) identify field-level challenges in 

auditing related to transparency, data privacy, robustness, and overreliance. These concerns 

imply that workflow redesign is not merely a technical issue; it is also a training issue. When 

employees are not reskilled to understand where AI fits in the process, productivity may be 

undermined by rework, mistrust, or inefficient checking behavior.

A broader trend in the literature is the movement from narrow efficiency metrics toward 

hybrid productivity metrics that combine speed with quality. Rahman et al. (2024) connect AI 

adoption not only to audit report timing but also to reduced restatement likelihood, while Law 

and Shen (2025) emphasize audit-quality improvements alongside evolving labor demand. This 
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is an important development because it aligns with accounting’s professional logic: a faster 

process is not truly productive if it weakens quality or increases compliance risk. Thus, the 

strongest studies define performance improvements in multidimensional terms, which better 

matches how accountants are likely to perceive productivity in practice. 

Even so, a persistent gap remains between objective workflow outcomes and subjective 

productivity perceptions. The literature shows that AI can improve turnaround time, quality 

indicators, and task allocation, but it says much less about whether accountants feel more 

productive, more effective, or more able to create value after reskilling. This matters because 

employee perceptions can influence adoption, confidence, and sustained use. A firm may record 

efficiency gains while employees still feel cognitively overloaded or uncertain about whether AI 

is improving their actual work. The present study addresses that gap by examining productivity 

as an interpreted professional experience, not merely an organizational metric.

Human AI Collaboration and Trust Calibration

Across the literature, the dominant view is that AI in accounting and auditing functions 

primarily as augmentation rather than full substitution. Law and Shen (2025) found that AI use in 

audit firms increases auditor jobs and changes skill requirements rather than simply replacing 

professionals. Kokina et al. (2021) similarly depict accountants as digital innovators whose 

future roles include identifying, explaining, training, and sustaining automation. Together, these 

studies support the idea that productivity gains arise when accountants are reskilled to work with 

AI, not around it.

This collaborative model alters the nature of productive work. Instead of spending most 

of their time on repetitive processing, accountants increasingly review AI-generated outputs, 

investigate anomalies, validate exceptions, and translate findings into actionable business insight. 
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Choi and Xie (2025) provide early evidence that generative AI is affecting task allocation in 

accounting, while Brynjolfsson et al. (2025) show that AI assistance can support learning and 

raise performance, especially in settings where workers benefit from embedded guidance. The 

implication is that perceived productivity may improve when professionals feel that AI reduces 

low-value effort and amplifies higher-value judgment. 

Trust, however, is a decisive condition for these gains. Research demonstrates that human 

trust in AI is shaped by perceived reliability, transparency, and prior experience with automated 

systems (Glikson & Woolley, 2020). Kokina et al. (2025) identify explainability, reliability, and 

overreliance as central challenges in AI enabled auditing, and their field evidence suggests that 

professionals remain concerned about when and how much to rely on automated outputs. This 

means that reskilling must include trust calibration: employees need to know when AI outputs 

are likely to be useful, when they require scrutiny, and how to document professional judgment 

in response. In accounting settings, where assurance and accountability are central, uncritical 

trust can be as damaging as blanket distrust. 

The literature also indicates a tension between efficiency and skepticism. On one hand, 

AI can reduce time spent on manual review and increase coverage of large datasets. On the other 

hand, if professionals do not understand model logic or data limitations, they may either 

overcheck the system and lose efficiency or under-check it and expose the organization to error. 

Rahman et al. (2024) and Law and Shen (2025) suggest that AI can improve audit outcomes, but 

Kokina et al. (2025b) show that these improvements are contingent on organizational safeguards 

and informed use. This tension is especially relevant to perceived productivity because 

accountants may not view a process as productive if it saves time but reduces confidence in the 

defensibility of results. 
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Another important issue is that trust calibration appears to be socially and 

organizationally shaped, not merely individually determined. Kokina and Blanchette (2019) 

show that governance and internal-control redesign accompany successful automation, and 

Brynjolfsson et al. (2025) indicate that AI gains are tied to learning mechanisms embedded in the 

work system. These findings imply that collaboration quality depends partly on how firms 

structure oversight, documentation, and feedback loops. Reskilling is therefore not just about 

teaching a tool; it is about helping professionals’ function inside a redesigned human AI system.

A key research gap is that the existing literature rarely examines how accountants 

subjectively experience this trust boundary after training. Many studies describe collaboration 

conceptually or infer it from performance indicators, but fewer ask how professionals feel about 

delegating tasks to AI, reviewing outputs, or exercising skepticism in hybrid workflows. Because 

trust calibration directly affects whether AI use feels efficient or burdensome, this omission is 

substantial. A phenomenological inquiry can therefore contribute by showing how reskilled 

accountants interpret collaboration quality, confidence, and professional control in everyday AI-

assisted work.

Synthesis of Literature

    Across all three subfactors, the literature points to a consistent conclusion: AI 

reskilling affects perceived productivity through capability development, workflow redesign, and 

human-AI collaboration. Productivity gains are strongest when accountants develop AI-specific 

human capital, when organizations redesign workflows around appropriate task fit and quality 

control, and when professionals learn how to calibrate trust in automated outputs. Kokina and 

Blanchette (2019), Rahman et al. (2024), Law and Shen (2025), and Brynjolfsson et al. (2025) all 
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support different parts of this argument, even though they study different technologies and 

settings. 

At the same time, literature reveals meaningful limitations. Much of the evidence 

emphasizes measurable performance outcomes, labor demand shifts, or implementation 

structures rather than the lived experience of productivity after reskilling. Emerging work, such 

as Choi and Xie (2025), begins to address accountant-level and task-level perceptions, but this 

area remains underdeveloped. As a result, an important gap persists between what organizations 

can observe in efficiency metrics and what accountants experience as productive, valuable, and 

professionally sustainable work. That gap justifies the present study’s focus on how accounting 

professionals interpret the productivity effects of firm-sponsored AI reskilling. 

From an RBV perspective, Factor 1 also suggests that AI related productivity is not 

generated by software alone. The more durable strategic resource is the reskilled accounting 

professional who can use AI to increase efficiency, preserve quality, and exercise informed 

judgment under changing workflow conditions. In that sense, perceived productivity is not only 

an operational outcome; it is evidence of whether the firm has begun to convert technology 

investment into valuable human capability.

AI Reskilling and Job Satisfaction

The second factor examined in this study concerns the relationship between artificial 

intelligence (AI) reskilling initiatives and job satisfaction among accounting professionals 

operating in technology enabled organizational environments. Job satisfaction is a central 

construct in organizational behavior and human resource management research, consistently 

linked to employee motivation, performance, organizational commitment, and turnover 

intentions (Cheng & Chan, 2008; Gerhart & Feng, 2021; Hackman & Oldham, 1976).In 
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professional service contexts such as accounting, job satisfaction is especially critical, as firm 

performance is highly dependent on specialized human capital capable of exercising complex 

judgment and analytical expertise (Gerhart & Feng, 2021). Moreover, the introduction of 

advanced technologies, including AI, has been shown to reshape employees’ work experiences, 

influencing their perceptions, attitudes, and professional identities through both enabling and 

stress inducing mechanisms (Jarrahi, 2018; Oesterreich et al., 2019; Pirkkalainen et al., 2023). 

Within professional service industries such as accounting, job satisfaction is particularly 

significant because organizational performance depends heavily on highly skilled human capital 

capable of exercising professional judgment and analytical expertise. A large body of research 

demonstrates that technological change can significantly influence employees’ attitudes toward 

their work, their organizations, and their professional identities (Dwivedi et al., 2021; Gerhart & 

Feng, 2021).

The increasing integration of AI technologies into accounting processes has 

fundamentally transformed the structure and nature of accounting work. Artificial intelligence 

systems are now capable of executing a wide range of routine and cognitively demanding tasks, 

including transaction classification, anomaly and fraud detection, data reconciliation, and 

predictive financial analytics (Kaplan & Haenlein, 2020; Kokina et al., 2021; Stathopoulos & 

Wang, 2025). These advancements enable the automation of repetitive processes while 

simultaneously augmenting analytical precision and decision-making capabilities.

As AI becomes embedded within accounting workflows, professionals are required to 

operate within hybrid environments that integrate human expertise with algorithmic decision-

support systems (Jarrahi, 2018; Lebovitz et al., 2022; Shneiderman, 2022). Consequently, the 

nature of accounting work is shifting toward higher-order cognitive and interpretive tasks, extant 
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literature further suggests that while digital transformation creates opportunities for skill 

development and professional advancement, it also introduces uncertainty related to evolving job 

roles, required competencies, and long-term career trajectories (Dwivedi et al., 2021; Kokina et 

al., 2021; Oesterreich et al., 2019; Stratopoulos & Wang, 2025). These uncertainties are 

particularly pronounced in accounting, where professionals must simultaneously master new 

technological tools while preserving the professional judgment that defines their value. 

Organizational responses to this challenge including reskilling initiatives and structured role 

transitions determine whether technological change enhances or erodes employee satisfaction 

(Gerhart & Feng, 2021).

Recent research examining AI adoption in accounting organizations suggests that 

workforce development plays a crucial role in shaping employees’ attitudes toward technological 

change. Drawing on the technology acceptance literature, employees are more likely to embrace 

new systems when they perceive them as useful and feel confident in their ability to use them 

effectively, particularly when supported by structured training initiatives (Dwivedi et al., 2021). 

In parallel, studies on digital transformation emphasize that organizational investments in 

reskilling and continuous learning significantly influence how employees interpret technological 

change, positioning AI as either an opportunity for professional growth or a source of uncertainty 

(Dwivedi et al., 2021; Verhoef et al., 2021).

From a human capital perspective, workforce development enhances employees’ 

competencies and adaptability, enabling them to integrate AI tools into their workflows while 

maintaining professional judgment and task quality (Gerhart & Feng, 2021). Moreover, research 

in organizational behavior indicates that training and development initiatives reduce technostress 

and increase confidence in navigating complex technological environments, thereby improving 
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attitudes toward innovation adoption. Importantly, emerging accounting-specific studies 

highlight that reskilling programs not only improve technical proficiency but also reshape 

employees’ perceptions of their roles, fostering a more positive orientation toward AI-enabled 

work environments (Kokina et al., 2021; Oesterreich et al., 2019).

Collectively, this body of research underscores that workforce development is not merely 

a supportive function but a strategic mechanism that directly influences employee acceptance, 

engagement, and successful integration of artificial intelligence within accounting organizations. 

When reskilling is well-designed and aligned with employees’ existing roles and competencies, 

it facilitates smoother technology adoption and reduces resistance to change. Conversely, the 

absence of such initiatives can lead to fragmented implementation, heightened technostress, and 

a failure to realize the full potential of AI investments (Dwivedi et al., 2021; Kokina et al., 2021).

When employees receive adequate training and organizational support, they are more 

likely to perceive technological innovations as tools that enhance their professional capabilities 

rather than threats to their employment. Conversely, when technological change occurs without 

structured reskilling initiatives, employees may experience increased job stress, reduced 

confidence in their abilities, and lower levels of job satisfaction (Brynjolfsson et al., 2025; 

Dwivedi et al., 2021). Consequently, AI reskilling programs have emerged as a central 

mechanism through which organizations manage the workforce implications of digital 

transformation.

From a theoretical perspective, the relationship between AI reskilling and job satisfaction 

can be interpreted through the Resource-Based View (RBV) of the firm. RBV emphasizes that 

employees’ knowledge, skills, and capabilities represent strategic resources that enable 

organizations to achieve sustained competitive advantage (Barney, 1991; Gerhart & Feng, 2021). 
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Within technology-driven environments, the value of human capital becomes particularly 

pronounced because employees must possess the competencies necessary to interpret and apply 

technological outputs within complex decision-making contexts. Research in strategic human 

resource management consistently demonstrates that organizations that invest in workforce 

capability development tend to achieve stronger performance outcomes and higher levels of 

employee satisfaction than organizations that neglect employee development (Gerhart & Feng, 

2021).

The literature examining AI reskilling and job satisfaction in accounting environments 

can be organized around three interrelated subfactors: professional identity and role 

transformation, perceived career security and skill relevance, and workplace autonomy and 

meaningful work. These dimensions reflect the primary mechanisms through which 

technological transformation interacts with workforce development initiatives to shape the 

professional experiences of accounting practitioners operating in AI-enabled environments 

(Kokina et al., 2021; Oesterreich et al., 2019),As accounting roles evolve in response to artificial 

intelligence adoption, professionals are increasingly required to transition from routine task 

execution toward analytical, interpretive, and advisory responsibilities, fundamentally redefining 

their professional identity (Jarrahi, 2018; Stratopoulos & Wang, 2025). At the same time, the 

extent to which employees perceive their skills as relevant and their careers as secure depends 

heavily on organizational investment in structured reskilling initiatives, which reinforce 

adaptability and long-term employability in digitally transformed environments (Gerhart & Feng, 

2021).

Additionally, workplace design factors, including autonomy and task meaningfulness, 

play a critical role in shaping job satisfaction, particularly when AI systems alter the balance 
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between human judgment and algorithmic support (Hackman & Oldham, 1976; Parker et al., 

2020). When supported by effective training and development programs, these changes can 

enhance employees’ sense of competence, control, and engagement; however, in the absence of 

such support, they may contribute to uncertainty, technostress, and reduced job satisfaction 

(Pirkkalainen et al., 2023). Collectively, these subfactors provide a comprehensive framework 

for understanding how AI reskilling initiatives influence the attitudes, experiences, and well-

being of accounting professionals within rapidly evolving technological environments.

Professional Identity and Role Transformation

One of the most significant implications of AI adoption in accounting organizations 

involves the transformation of traditional professional roles. Historically, accounting 

professionals performed many routine tasks associated with financial recordkeeping, transaction 

processing, and compliance-based reporting. However, the increasing availability of advanced 

automation technologies has enabled organizations to delegate many of these tasks to AI 

powered systems capable of processing large volumes of financial data with high levels of speed 

and accuracy. As a result, the professional responsibilities of accountants are increasingly 

shifting toward analytical interpretation, strategic advisory functions, and oversight of automated 

systems (Kokina et al., 2021; Oesterreich et al., 2019; Stathopoulos & Wang, 2025).

Scholars examining digital transformation in accounting emphasize that this transition 

represents a fundamental redefinition of the accountant’s professional identity (Jarrahi, 2018; 

Kokina et al., 2021; Stathopoulos & Wang, 2025; Tiron-Tudor et al., 2021). Rather than 

functioning primarily as record-keeping specialists, accountants are increasingly expected to 

operate as strategic advisors capable of interpreting complex financial data and supporting 

organizational decision-making processes. Research suggests that the emergence of data 
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analytics, machine learning, and AI enabled financial analysis has expanded the scope of 

accounting practice beyond traditional compliance activities, creating new opportunities for 

professionals to contribute to organizational strategy and innovation (Kokina et al., 2021; 

Stratopoulos & Wang, 2025; Tiron-Tudor et al., 2025).

The transformation of accounting roles can influence job satisfaction in several important 

ways. On one hand, the shift toward analytical and strategic responsibilities may enhance the 

intellectual complexity and perceived significance of accounting work. Research in job design 

theory suggests that employees experience higher levels of job satisfaction when their roles 

involve meaningful tasks, opportunities for professional judgment, and contributions to 

organizational outcomes (Gerhart & Feng, 2021; Hackman & Oldham, 1976; Parker et al., 2020). 

Within accounting organizations, the opportunity to participate in strategic decision-making and 

financial analysis may therefore increase employees’ perceptions of professional value and job 

fulfillment.

However, the transition toward technology-enabled accounting roles can also create 

uncertainty for employees who feel unprepared for changing professional expectations. 

Employees who lack sufficient training in emerging technologies may perceive AI adoption as a 

threat to their professional competence and career prospects. Research on technology-induced 

workplace stress indicates that rapid technological change can create “technostress,” which 

occurs when employees feel overwhelmed by new systems, information overload, or changing 

skill requirements (Pirkkalainen et al., 2023). Within accounting organizations, technostress may 

reduce job satisfaction if employees perceive that technological transformation is occurring 

faster than their ability to adapt.
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AI reskilling programs can mitigate these challenges by providing employees with the 

knowledge and skills necessary to navigate evolving professional roles. Training initiatives that 

focus on data analytics, AI interpretation, and digital auditing tools enable accounting 

professionals to integrate technological capabilities into their existing expertise (van Rooij & 

Sutton, 2022). Studies examining organizational learning and workforce development 

consistently show that employees who receive meaningful training opportunities experience 

higher levels of professional confidence, job satisfaction, and organizational commitment 

(Aguinis & Kraiger, 2009; Gerhart & Feng, 2021; Rosini & Domingues, 2021). Consequently, 

reskilling initiatives play a central role in helping employees reinterpret technological change as 

a source of professional growth rather than a source of professional displacement.

Perceived Career Security and Skill Relevance

Another critical dimension influencing job satisfaction in AI-enabled accounting 

environments concerns employees’ perceptions of career security and the continued relevance of 

their professional skills. Technological innovation has historically generated concerns about 

workforce displacement, and the rapid advancement of artificial intelligence technologies has 

intensified debates regarding the future of professional employment across multiple industries. 

Within accounting, the automation of routine tasks has prompted discussions about whether AI 

systems may reduce demand for traditional accounting roles in the long term (Acemoglu & 

Restrepo, 2022; Brynjolfsson et al., 2023, 2025; Law & Shen, 2025).

Despite prevailing concerns regarding job displacement, a substantial body of literature 

suggests that artificial intelligence (AI) is more likely to transform professional roles rather than 

eliminate them entirely (Phan et al., 2020). Empirical and theoretical research consistently 

demonstrates that automation technologies tend to complement human labor by augmenting 
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cognitive and analytical capabilities, rather than serving as direct substitutes (Brynjolfsson et al., 

2025; Law & Shen, 2025). In knowledge intensive domains such as accounting and auditing, 

core tasks involving professional judgment, ethical reasoning, and regulatory interpretation 

remain inherently resistant to full automation due to their contextual and non-routine nature 

(Kokina et al., 2021; Stratopoulos & Wang, 2025). Moreover, emerging evidence on AI 

integration in professional settings highlights a growing paradigm of human-AI collaboration, 

where technology enhances decision-making quality and efficiency instead of replacing 

practitioners (Brynjolfsson et al., 2025; Sjödin et al., 2021). Consequently, technological 

advancement is more accurately characterized by reshaping skill requirements and redefining 

professional competencies, rather than triggering widespread reductions in employment within 

the accounting profession.

Nevertheless, employees’ subjective perceptions of technological change can strongly 

influence their job satisfaction regardless of actual labor market outcomes. Studies examining 

job insecurity demonstrate that employees who perceive their roles as threatened by 

technological change often experience increased workplace stress, reduced organizational 

commitment, and lower job satisfaction (Greenman et al., 2024). In technology-driven 

organizations, these concerns may emerge when employees feel that their existing skills are 

becoming obsolete or when they lack access to training opportunities that would enable them to 

adapt to new technological demands.

AI reskilling initiatives can play a critical role in alleviating these concerns by reinforcing 

employees’ perceptions of professional relevance and employability. When organizations invest 

in workforce development programs that enable employees to acquire AI related competencies, 

employees are more likely to interpret technological change as an investment in their 
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professional growth (Aguinis & Kraiger, 2009). Research in human resource management 

consistently shows that training and development opportunities enhance employees’ perceptions 

of organizational support, which in turn strengthens job satisfaction and organizational 

commitment (Aguinis & Kraiger, 2009; Gerhart & Feng, 2021).

Recent research on digital transformation also highlights the importance of continuous 

learning within technologically dynamic workplaces (Aguinis & Kraiger, 2009; Dwivedi et al., 

2021; Verhoef et al., 2021). As AI technologies evolve rapidly, employees must continually 

update their knowledge and skills in order to remain effective in their roles (Eloundou et al., 

2024). Scholars emphasize that organizations that cultivate learning oriented cultures are better 

positioned to support workforce adaptation to technological change and maintain employee 

satisfaction during periods of digital transformation (Aguinis & Kraiger, 2009; Brynjolfsson et 

al., 2025; Dwivedi et al., 2021; Grover et al., 2022). Within accounting organizations, reskilling 

initiatives therefore serve as both practical training mechanisms and symbolic indicators that 

organizations are committed to supporting employees’ long-term career development.

Workplace Autonomy and Meaningful Work

Workplace autonomy and the experience of meaningful work represent additional 

mechanisms through which AI reskilling may influence job satisfaction among accounting 

professionals. Organizational behavior research consistently demonstrates that employees 

experience greater job satisfaction when they perceive their work as meaningful, intellectually 

stimulating, and aligned with their professional expertise (Hackman & Oldham, 1976; Parker et 

al., 2020). Jobs that allow employees to exercise judgment, solve complex problems, and 

contribute to organizational outcomes tend to generate higher levels of motivation and 

engagement (Gerhart & Feng, 2021; Hackman & Oldham, 1976; Parker et al., 2020)
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Artificial intelligence technologies have the potential to increase workplace autonomy by 

automating repetitive administrative tasks that previously consumed a significant portion of 

accountants’ time. By delegating routine activities such as data reconciliation, anomaly 

detection, and transaction classification to AI systems, accounting professionals may have 

greater opportunities to focus on analytical tasks involving interpretation, financial forecasting, 

and strategic planning. Scholars studying digital transformation in accounting suggest that this 

shift toward higher-value activities can increase the intellectual engagement associated with 

accounting work and improve employees’ perceptions of job meaningfulness (Kokina et al., 

2021; Oesterreich et al., 2019; Stratopoulos & Wang, 2025).

However, technological systems can also reduce perceived autonomy if employees feel 

constrained by algorithmic decision-making processes. In some cases, organizations may rely 

heavily on automated outputs when making financial decisions, which can limit employees’ 

opportunities to exercise independent professional judgment. Research examining human 

technology interaction suggests that employees may experience lower job satisfaction when they 

perceive that technology reduces their control over work processes or undermines their 

professional expertise (Dwivedi et al., 2021; Pirkkalainen et al., 2023)

Reskilling initiatives can help address these concerns by equipping employees with the 

knowledge required to interact effectively with AI systems. Training programs that emphasize 

human-AI collaboration enable professionals to understand how automated systems generate 

outputs and how those outputs should be interpreted within professional decision-making 

contexts (Jarrahi, 2018; Kokina et al., 2021). When employees feel confident in their ability to 

evaluate AI-generated information and integrate it with their professional judgment, they are 
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more likely to perceive technology as a supportive tool rather than a constraint on their 

autonomy (Brynjolfsson et al., 2023; Dwivedi et al., 2021)

Furthermore, reskilling programs can contribute to job satisfaction by enabling 

employees to participate in more meaningful organizational activities. As AI technologies 

assume responsibility for routine accounting processes, professionals may gain opportunities to 

engage in advisory roles that influence strategic decision-making. Research on meaningful work 

indicates that employees experience higher levels of satisfaction when they perceive that their 

contributions have a tangible impact on organizational outcomes (Gerhart & Feng, 2021; Parker 

et al., 2020). Consequently, AI reskilling initiatives that prepare accountants for analytical and 

advisory roles may significantly enhance their sense of professional purpose and job satisfaction.

Synthesis of Literature

The literature examining AI reskilling and job satisfaction reveals a complex relationship 

between technological transformation and employee experiences within accounting organizations 

(Gerhart & Feng, 2021; Kokina et al., 2021). Across the three subfactors discussed above, 

several consistent themes emerge. First, AI adoption is reshaping the professional identity of 

accountants by shifting responsibilities away from routine data processing and toward analytical 

and strategic functions. While this transition creates opportunities for more intellectually 

engaging work, it also requires employees to acquire new technological competencies to remain 

effective in their roles (Jarrahi, 2018; Oesterreich et al., 2019).

Second, employees’ perceptions of career security and skill relevance play a crucial role 

in determining how they respond to technological change. When organizations invest in 

reskilling initiatives that equip employees with the skills necessary to collaborate effectively with 

AI systems, employees are more likely to perceive technological transformation as an 
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opportunity for professional development. Conversely, when technological change occurs 

without adequate workforce preparation, employees may experience job insecurity and reduced 

job satisfaction.

Third, the integration of AI technologies can influence employees’ perceptions of 

workplace autonomy and meaningful work. By automating repetitive tasks, AI systems can 

enable accountants to focus on higher-level analytical activities that increase the intellectual 

engagement associated with their roles. However, these benefits depend on whether employees 

retain the ability to exercise professional judgment within AI-assisted workflows.

Overall, the literature suggests that AI reskilling initiatives play a central role in shaping 

the workforce implications of technological transformation in accounting organizations. When 

reskilling programs effectively prepare employees for evolving professional roles, they can 

enhance job satisfaction by increasing professional confidence, career security, and opportunities 

for meaningful work. These outcomes are consistent with the Resource Based View, which 

emphasizes that organizations derive strategic advantage from developing human capital capable 

of leveraging advanced technologies effectively.

Despite the growing body of research on AI adoption in accounting, significant gaps 

remain in understanding how reskilling initiatives influence employees lived experiences of job 

satisfaction. Much of the existing literature focuses on technological capabilities or 

organizational performance outcomes rather than employee perceptions. This gap highlights the 

importance of further research examining how accounting professionals interpret the relationship 

between reskilling initiatives and job satisfaction within AI-enabled work environments.
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Ethical Policy Awareness and AI Governance in Accounting Environments

As AI technologies become increasingly integrated into financial reporting, auditing, and 

decision support processes, organizations must address new ethical challenges associated with 

automated systems, algorithmic decision-making, and data governance. Unlike traditional 

accounting technologies, AI systems may operate with complex algorithms that are not fully 

transparent to users, raising concerns about accountability, bias, privacy, and professional 

responsibility. Consequently, ethical awareness and governance frameworks have become 

essential components of responsible AI implementation in professional service environments 

(Dwivedi et al., 2021; Kokina et al., 2025b).

Within accounting, ethical considerations have historically been central to professional 

practice. Professional standards established by organizations such as the American Institute of 

Certified Public Accountants (AICPA) and the International Ethics Standards Board for 

Accountants (IESBA) emphasize principles of integrity, objectivity, professional competence, 

and due care (Institute of Chartered Accountants in England and Wales (ICAEW), 2022). 

However, the emergence of AI-enabled financial systems introduces new ethical complexities 

that extend beyond traditional accounting standards. These technologies may influence how 

financial information is generated, analyzed, and interpreted, potentially affecting the reliability 

of financial reporting and the quality of audit assurance (Stratopoulos & Wang, 2025).

Scholars examining AI governance argue that ethical oversight mechanisms are necessary 

to ensure that AI systems operate in ways consistent with organizational values and regulatory 

requirements (European Commission High-Level Expert Group on Artificial Intelligence, 2019; 

Floridi et al., 2018; Jobin et al., 2019; Rai, 2020). Without appropriate governance structures, 

organizations risk deploying systems that produce biased outputs, compromise data privacy, or 
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undermine professional accountability (Dwivedi et al., 2021; Floridi et al., 2018; Munoko et al., 

2020). In professional fields such as accounting where trust, transparency, and regulatory 

compliance are fundamental these risks carry significant implications for both organizational 

legitimacy and stakeholder confidence.

AI reskilling initiatives play an important role in addressing these challenges by 

equipping accounting professionals with the knowledge required to recognize ethical risks 

associated with automated systems. Training programs that incorporate AI ethics, algorithmic 

transparency, and governance principles help professionals develop the competencies necessary 

to oversee AI systems responsibly. technologies, understand the ethical implications of AI 

technologies, they are better positioned to exercise professional judgment, question automated 

outputs, and ensure that technological processes align with ethical standards and regulatory 

frameworks (Dwivedi et al., 2021; Kokina et al., 2021).

The literature examining ethical governance in AI-enabled accounting environments can 

be organized around three primary subfactors: ethical decision-making and professional 

responsibility, algorithmic transparency and accountability, and regulatory compliance within 

organizational governance frameworks (Floridi et al., 2018; Jobin et al., 2019; Raji et al., 2020). 

Ethical decision making remains central, as accounting professionals must interpret AI generated 

outputs while ensuring alignment with professional standards and moral principles, particularly 

in situations involving judgment and uncertainty (Kokina et al., 2021; Stratopoulos & Wang, 

2025). Furthermore, transparency and accountability mechanisms are critical to mitigating risks 

associated with opaque algorithms, thereby enabling explainability, auditability, and trust in AI-

driven processes (Rai, 2020; Tabassi, 2023). Finally, adherence to regulatory requirements and 

the establishment of robust governance structures ensure that AI systems operate within legal 
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and institutional boundaries, reinforcing organizational legitimacy and stakeholder confidence 

(Dwivedi et al., 2021; European Commission High-Level Expert Group on Artificial 

Intelligence, 2019). Collectively, these dimensions provide a comprehensive framework for 

understanding how ethical awareness supports the effective and responsible integration of AI 

technologies within accounting organizations.

Ethical Decision Making and Professional Responsibility

One of the most significant ethical challenges associated with AI adoption in accounting 

concerns the preservation of professional responsibility in environments where automated 

systems influence decision-making processes. Accounting professionals are legally and ethically 

responsible for the accuracy and integrity of financial information, even when advanced 

technologies are used to generate or analyze data (Floridi et al., 2018; Kokina et al., 2021, 2025; 

Stratopoulos & Wang, 2025) As AI tools become embedded within accounting workflows, 

professionals must determine how to evaluate and interpret algorithmic outputs while 

maintaining accountability for final decisions (Kokina et al., 2021; Stratopoulos & Wang, 2025).

Research in accounting information systems suggests that artificial intelligence (AI) 

technologies primarily function as decision-support tools that augment human judgment rather 

than act as fully autonomous decision makers (Jarrahi, 2018; Kokina et al., 2021; Stratopoulos & 

Wang, 2025).Although these systems can process large-volumes of financial data and identify 

patterns that may be difficult for humans to detect, professional judgment remains essential for 

interpreting results and determining appropriate courses of action. Scholars argue that ethical 

decision-making in AI-enabled environments requires professionals to critically evaluate 

automated outputs rather than accepting them uncritically (Stratopoulos & Wang, 2025).
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The integration of AI into accounting processes may also create new ethical dilemmas 

related to reliance on automated systems. If professionals place excessive trust in algorithmic 

recommendations, they may overlook potential errors, biases, and data limitations embedded 

within AI models (Rai, 2020; Tabassi, 2023). Conversely, if professionals distrust automated 

outputs entirely, organizations may fail to realize the efficiency and analytical benefits associated 

with AI technologies. As a result, scholars emphasize the importance of developing what is often 

referred to as “appropriate reliance,” in which professionals balance technological assistance 

with independent professional judgment (Dwivedi et al., 2021; Kokina et al., 2025b).

AI reskilling initiatives can help address these challenges by educating accounting 

professionals about the ethical implications of algorithmic decision-support. Training programs 

that incorporate case studies, ethical frameworks, and AI literacy components can help 

professionals understand how automated systems generate outputs and where potential ethical 

risks may arise. Research in professional ethics education demonstrates that structured training 

programs significantly improve employees’ ability to recognize and address ethical dilemmas 

within technologically complex environments (Floridi et al., 2018).

Another important dimension of ethical responsibility concerns the potential for AI 

systems to introduce biases into financial decision-making processes. Machine learning models 

are trained on historical datasets, and if those datasets contain embedded biases or incomplete 

information, AI systems may produce outputs that reflect those underlying patterns (Floridi et al., 

2018; Jobin et al., 2019; Rai, 2020; Raji et al., 2020) In financial reporting or auditing contexts, 

such biases could potentially influence risk assessments, transaction classifications, or anomaly 

detection processes. Scholars argue that accounting professionals must be aware of these risks 
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and actively evaluate whether AI-generated insights are consistent with ethical and professional 

standards (Dwivedi et al., 2021; Floridi et al., 2018).

Despite the growing recognition of these ethical concerns, the literature indicates that 

many accounting professionals receive limited formal training in AI ethics and governance 

(Kokina et al., 2025b; Tiron-Tudor et al., 2025). While organizations frequently provide 

technical training related to software tools and data analytics, fewer programs address the ethical 

implications of AI-assisted decision-making. This gap highlights the importance of incorporating 

ethical awareness into AI reskilling initiatives so that accounting professionals are prepared to 

manage the broader implications of technological transformation within their organization

Algorithmic Transparency and Accountability

Algorithmic transparency represents another critical component of ethical AI governance 

in accounting environments. Transparency refers to the extent to which professionals can 

understand how AI systems generate outputs and how those outputs influence organizational 

decision-making processes (Rai, 2020; Raji et al., 2020; Tabassi, 2023). Many modern AI 

models, particularly machine learning systems operate as complex computational structures that 

may not be easily interpretable by end users. This lack of transparency can create challenges for 

accounting professionals who must justify financial decisions and audit conclusions to 

regulators, stakeholders, and clients (Dwivedi et al., 2021; Kokina et al., 2025b).

In accounting and auditing contexts, transparency is particularly important because 

financial decisions often require clear documentation and justification. Auditors must be able to 

explain how conclusions were reached and demonstrate that appropriate procedures were 

followed (Kokina et al., 2025; Raji et al., 2020; Vasarhelyi et al., 2015; Vitali & Giuliani, 2024). 

If AI systems generate recommendations that cannot be clearly interpreted or documented, 
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professionals may face difficulties fulfilling regulatory and professional reporting requirements 

(Stratopoulos & Wang, 2025).

Scholars examining AI governance frequently emphasize the concept of “explainable 

AI,” which refers to technological approaches designed to make AI decision-making processes 

more interpretable (O’Leary, 2020; Rai, 2020; Tabassi, 2023). Explainable AI techniques 

attempt to provide insights into how algorithms weigh different variables and produce 

predictions or classifications. Within accounting, these approaches may help professionals better 

understand the reasoning behind AI generated recommendations, thereby supporting more 

informed decision making and greater accountability (Dwivedi et al., 2021; Floridi et al., 2018; 

O’Leary, 2020; Zhang, 2022).

Accountability is closely linked to transparency because organizations must determine 

who is responsible for decisions influenced by automated systems. Even when AI tools generate 

recommendations or identify anomalies, human professionals ultimately remain accountable for 

the decisions that follow. This principle aligns with longstanding ethical frameworks within the 

accounting profession, which emphasize individual responsibility for professional judgments and 

financial reporting outcomes (Kokina et al., 2021; Stratopoulos & Wang, 2025).

The literature also highlights the importance of documentation and audit trails within AI-

enabled financial systems (Cao et al., 2022; Kokina et al., 2025b; Raji et al., 2020). Governance 

frameworks often require organizations to maintain records of how AI models are developed, 

tested, and deployed (Commerford et al., 2022). These records help ensure that AI systems 

operate consistently with regulatory requirements and internal control policies. In auditing 

contexts, such documentation may be necessary to demonstrate that AI tools were used 
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appropriately and that their outputs were evaluated using professional judgment (Dwivedi et al., 

2021; Kokina et al., 2025).

AI reskilling initiatives can play a significant role in strengthening transparency and 

accountability within accounting organizations. Training programs that equip professionals with 

an understanding of how AI models function, how to interpret algorithmic outputs, and how to 

properly document AI-assisted decisions are essential for maintaining human oversight over 

automated processes (Aguinis & Kraiger, 2009; Kokina et al., 2021). Such knowledge enables 

accounting professionals to critically assess whether AI-generated recommendations align with 

financial reporting standards and ethical guidelines (Kokina et al., 2021; Tiron-Tudor et al., 

2025).

However, existing literature highlights that achieving full transparency in complex AI 

systems remains challenging (Rai, 2020; Tabassi, 2023). Many machine learning models operate 

as “black boxes,” relying on intricate computational processes that are not easily interpretable 

(Rai, 2020; Tabassi, 2023). Consequently, organizations must balance the advantages of 

advanced AI capabilities with the need for interpretability and control. Governance frameworks 

therefore emphasize the integration of risk management strategies that combine technological 

monitoring mechanisms with human oversight to ensure accountability and ethical compliance 

(Raji et al., 2020; Tabassi, 2023).

Regulatory Compliance and Organizational AI Governance

Regulatory compliance represents another critical dimension of ethical policy awareness 

in AI-enabled accounting environments. Financial reporting and auditing activities are subject to 

extensive regulatory oversight designed to protect investors, maintain market integrity, and 

ensure the reliability of financial information. As AI technologies become integrated into 
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accounting processes, regulators and professional organizations have begun to develop 

guidelines addressing the responsible use of automated systems in financial reporting and 

auditing contexts (Dwivedi et al., 2021; Stratopoulos & Wang, 2025).

Professional accounting bodies have increasingly underscored the necessity of robust 

governance frameworks to mitigate the ethical and operational risks posed by AI technologies 

(OECD, 2020; Raji et al., 2020).These frameworks typically include policies related to data 

governance, algorithm validation, cybersecurity, and internal control systems. Organizations 

adopting AI technologies must ensure that these systems operate in compliance with both 

existing accounting standards and emerging regulatory guidelines related to AI governance 

(Floridi et al., 2018; Kokina et al., 2025).

Data governance is particularly important in AI-enabled accounting environments 

because machine learning models rely heavily on large datasets to generate predictions and 

insights. The quality of financial data used to train AI systems is critical, as incomplete or 

inaccurate data can lead to flawed outputs that ultimately compromise the reliability and integrity 

of financial reporting processes (Kokina et al., 2025; Vitali & Giuliani, 2024). Scholars therefore 

emphasize the importance of establishing robust data management policies that ensure the 

integrity, security, and accuracy of information used within AI models (Bao et al., 2020; 

Dwivedi et al., 2021; Stratopoulos & Wang, 2025).

Another important governance issue concerns risk management and internal control 

systems. To preserve audit quality and financial reporting reliability, accounting organizations 

must embed AI technologies within established internal control frameworks that support 

continuous monitoring and risk management ((OECD, 2020)., 2020; Tabassi, 2023). Internal 

controls should include mechanisms for validating AI models, monitoring system performance, 
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and identifying potential errors or anomalies that may affect financial outcomes. These controls 

help organizations maintain accountability and ensure that automated systems operate within 

acceptable risk parameters (Kokina et al., 2025; Stratopoulos & Wang, 2025).

AI reskilling programs contribute to effective governance by helping employees 

understand the policies and procedures that guide AI implementation within their organizations. 

When accounting professionals are familiar with governance frameworks, regulatory 

requirements, and ethical guidelines related to AI use, they are better equipped to ensure that 

technological processes comply with professional standards. Research in organizational 

governance indicates that employees’ awareness of ethical policies significantly influences their 

willingness to report potential risks and follow established compliance procedures (Dwivedi et 

al., 2021; Jobin et al., 2019).

Despite the increasing attention given to AI governance, the literature indicates that many 

organizations are still in the early stages of developing comprehensive frameworks for managing 

AI risks (Kokina et al., 2025b; Tabassi, 2023). Rapid technological advancement often outpaces 

regulatory development, creating uncertainty regarding appropriate oversight mechanisms (Ng & 

Alarcon, 2022). As a result, accounting professionals must navigate evolving regulatory 

environments while maintaining adherence to existing professional ethics standards 

(Organisation for Economic Co-operation and Development, 2021). This dynamic environment 

underscores the importance of ethical awareness and governance knowledge within AI reskilling 

initiatives.

Synthesis of Literature

The literature examining ethical policy awareness and AI governance underscores the 

increasing necessity of ethical oversight in technology-enabled accounting environments. Recent 
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studies emphasize that the integration of artificial intelligence (AI) into accounting practices 

introduces complex ethical considerations related to professional judgment, responsibility, and 

decision-making autonomy (Coeckelbergh, 2020; Dwivedi et al., 2021). While AI systems 

enhance analytical capabilities, accounting professionals remain ultimately accountable for 

interpreting outputs and ensuring that financial decisions adhere to ethical and regulatory 

standards (Choi & Xie, 2025; Kokina et al., 2021).

A second prominent theme in the literature is the critical importance of algorithmic 

transparency and accountability in maintaining stakeholder trust. The increasing reliance on AI-

driven systems in auditing and financial reporting necessitates that accounting professionals 

understand, interpret, and justify algorithmic outcomes (Rai, 2020; Raji et al., 2020). Governance 

frameworks that prioritize explainability, auditability, and human oversight are therefore 

essential to ensuring that AI applications operate within acceptable ethical and professional 

boundaries (Vitali & Giuliani, 2024).

Third, regulatory compliance and organizational governance structures play a pivotal role 

in guiding responsible AI adoption. Emerging frameworks highlight the need for organizations to 

establish robust policies addressing data governance, internal controls, and risk management to 

safeguard financial reporting integrity (Dwivedi et al., 2021; Tabassi, 2023). Furthermore, AI 

reskilling initiatives are increasingly recognized as critical mechanisms for enabling accounting 

professionals to effectively navigate ethical, technological, and regulatory complexities 

associated with AI integration (Brynjolfsson et al., 2025; Kokina et al., 2021).

Despite the growing body of research on AI governance, notable gaps remain in 

understanding how accounting professionals experience ethical policy awareness within their 

day-to-day work environments. Much of the existing literature remains conceptual or framework 
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oriented, with limited empirical insight into employees lived experiences of ethical decision-

making in AI-assisted contexts (Choi & Xie, 2025; Vitali & Giuliani, 2024). This gap highlights 

the need for further research exploring how reskilled accounting professionals interpret and enact 

ethical responsibilities within AI-enabled organizational settings, particularly as AI technologies 

continue to reshape professional roles and ethical governance frameworks (Coeckelbergh, 2022). 

decision-making processes (Brynjolfsson et al., 2025).

Summary of Literature

The literature reviewed in this chapter demonstrates that artificial intelligence (AI) is 

rapidly transforming the accounting profession by automating routine tasks, enhancing analytical 

capabilities, and enabling organizations to process large volumes of financial data more 

efficiently. Scholars consistently report that AI technologies including machine learning, robotic 

process automation, and advanced analytics are increasingly embedded within accounting and 

auditing environments (Kokina et al., 2021; Naqvi & Bhatti, 2020; Vitali & Giuliani, 2024). 

These technologies can perform tasks such as transaction classification, fraud detection, financial 

forecasting, and anomaly detection (Zheng et al., 2021), thereby altering the nature of accounting 

work and the competencies required of accounting professionals (Kokina & Blanchette, 2019; 

Stratopoulos & Wang, 2025).

A central theme emerging from literature is that technological adoption alone does not 

guarantee improved organizational performance. Instead, the effectiveness of AI implementation 

depends heavily on workforce capabilities and organizational readiness. Studies grounded in the 

Resource-Based View (RBV) emphasize that human capital remains a critical organizational 

resource that determines whether technological investments generate sustained competitive 

advantage (Barney, 1991; Gerhart & Feng, 2021). Within AI enabled accounting environments, 
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professionals must possess the skills necessary to interpret algorithmic outputs, manage 

automated processes, and integrate technological insights into financial decision making.

The literature examining AI reskilling and perceived productivity indicates that 

organizations often experience efficiency improvements when employees receive adequate 

training in AI-enabled tools. Automation technologies reduce time spent on routine and 

standardized tasks while enabling professionals to engage in higher-value analytical and 

judgment-oriented activities (Brynjolfsson et al., 2025; Kokina et al., 2021; Sjödin et al., 2021). 

However, scholars also emphasize that productivity gains are not automatic; they depend on how 

effectively organizations redesign workflows and provide employees with the competencies 

needed to collaborate with AI systems (Brynjolfsson et al., 2023; Kokina et al., 2021).

Research examining AI reskilling and job satisfaction presents a more complex picture. 

On one hand, technological transformation can enhance job satisfaction by increasing 

opportunities for professional growth, meaningful work, and strategic involvement in 

organizational decision-making (Gerhart & Feng, 2021; Kokina et al., 2021; Parker et al., 2020). 

On the other hand, rapid technological change can also create uncertainty, job insecurity, and 

technostress when employees feel unprepared for evolving skill requirements (Greenman et al., 

2024a; Pirkkalainen et al., 2023). Reskilling initiatives are therefore widely viewed as an 

important mechanism for helping employees adapt to digital transformation while maintaining 

professional confidence and engagement (Dwivedi et al., 2021; Pirkkalainen et al., 2023).

The literature on ethical policy awareness and AI governance highlights growing 

concerns regarding transparency, accountability, and ethical oversight in AI-enabled accounting 

environments. Because AI systems may rely on complex algorithms and large datasets, 

organizations must ensure that automated decision-making processes align with professional 
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standards, regulatory requirements, and ethical principles. Scholars emphasize the importance of 

governance frameworks that address issues such as algorithmic bias, data privacy, internal 

controls, and explainability (Floridi et al., 2018; Kokina et al., 2025).

Overall, the literature indicates that AI adoption is reshaping accounting work across 

multiple dimensions. While technological innovations provide opportunities for increased 

efficiency and analytical insight, they also introduce new challenges related to workforce 

readiness, professional identity, and ethical governance. AI reskilling programs have therefore 

emerged as a critical organizational strategy for ensuring that accounting professionals can 

effectively collaborate with advanced technologies while maintaining the integrity and reliability 

of financial reporting processes.

Research Gaps in Literature

Despite the rapid expansion of research on artificial intelligence (AI) in accounting, the 

literature remains fragmented, with several critical gaps related to human experience, workforce 

development, and ethical implementation. Much of the existing scholarship focuses on 

technological capabilities, organizational performance, and labor-market outcomes, with 

comparatively limited attention to the lived experiences of the professionals who interact daily 

with AI systems. These gaps are particularly significant in the accounting domain, where 

professional judgment, ethical responsibility, and human expertise remain central to practice 

even as automation expands (Dwivedi et al., 2021; Kokina et al., 2021).

First, existing research predominantly emphasizes technological capabilities and 

organizational performance outcomes, with comparatively limited attention given to the lived 

experiences of accounting professionals. Much of the literature focuses on improvements in 

efficiency, audit quality, and analytical capabilities resulting from AI implementation (Kokina et 
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al., 2025). However, fewer studies examine how accounting professionals perceive and interpret 

these technological changes within their day-to-day work environments. This omission is 

significant, as employee perceptions play a central role in shaping technology acceptance, job 

satisfaction, and long-term organizational effectiveness (Dwivedi et al., 2021; Jarrahi, 2018).

Second, much of the existing literature examines automation, digitalization, or AI 

adoption as isolated constructs rather than focusing specifically on structured reskilling 

initiatives. While scholars consistently emphasize the importance of workforce development in 

supporting digital transformation (Dwivedi et al., 2021; Verhoef et al., 2021), there is limited 

empirical research investigating how formal reskilling programs simultaneously influence 

accountants’ productivity, job satisfaction, and ethical awareness. This gap is particularly 

important because reskilling represents a key mechanism through which organizations translate 

technological investments into human capital capabilities, consistent with the Resource-Based 

View (RBV) framework (Gerhart & Feng, 2021).

Third, the literature addressing ethical governance in AI-enabled accounting 

environments remains relatively underdeveloped. Although researchers increasingly 

acknowledge ethical risks associated with AI technologies including algorithmic bias, lack of 

transparency, and accountability challenges existing studies tend to focus on conceptual or 

regulatory discussions rather than practical application (Floridi et al., 2018; Jobin et al., 2019). 

There is a notable lack of empirical research examining how accounting professionals interpret, 

internalize, and apply ethical policies when interacting with AI systems in real-world 

organizational contexts.

Finally, a substantial portion of the literature relies on organizational level analyses, 

secondary data, or conceptual frameworks, with limited attention to the subjective, lived 
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experiences of employees undergoing technological transformation. Prior studies frequently 

assess AI adoption through firm-level performance metrics or theoretical models (Verhoef et al., 

2021), rather than capturing how professionals experience reskilling initiatives and evolving 

work roles. As AI continues to reshape the accounting profession, there is an increasing need for 

research that adopts a phenomenological perspective to explore how individuals experience and 

make sense of these changes.

Collectively, these gaps underscore the need for further research examining how AI 

reskilling initiatives influence accounting professionals’ experiences, particularly in relation to 

perceived productivity, job satisfaction, and ethical policy awareness. Addressing these gaps will 

contribute to both academic literature and professional practice by providing a more 

comprehensive understanding of the human dimension of AI integration within accounting 

organizations. The present phenomenological study directly responds to these gaps by centering 

the analysis on how accounting professionals interpret and make sense of their own reskilling 

experiences within AI-enabled organizational environments (Creswell & Poth, 2018).

Conflicting Findings in Prior Research

Scholarly discourse on AI in accounting is characterized by inconsistent and often 

contradictory findings. Some research portrays AI as a transformative tool that augments human 

capability and improves performance outcomes, whereas other studies caution against its 

potential to undermine professional identity and job security (Brynjolfsson et al., 2025; Law & 

Shen, 2025). These inconsistencies indicate that the implications of adoption of AI remain 

contested and require deeper, experience-based exploration.

Some scholars argue that AI technologies will significantly enhance productivity and 

elevate the role of accountants by allowing professionals to focus on strategic and analytical 
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activities. Research on digital innovation in accounting suggests that automation may eliminate 

routine tasks while creating opportunities for professionals to provide higher-value advisory 

services (Kokina et al., 2021; Oesterreich et al., 2019). From this perspective, AI functions as an 

enabler that elevates the strategic contribution of accounting professionals by redirecting their 

attention from low-value data processing toward judgment-intensive analysis. Evidence from 

recent field studies supports this optimistic view, showing that AI adoption in accounting and 

auditing environments can be associated with improved output quality and greater role 

complexity (Choi & Xie, 2025; Law & Shen, 2025).

However, other scholars emphasize that technological transformation may introduce 

unintended workforce challenges, including job insecurity, skill obsolescence, and elevated 

workplace stress (Greenman et al., 2024b; Pirkkalainen et al., 2023). These challenges are often 

exacerbated when employees are expected to adapt to rapidly evolving technologies without 

sufficient support or training. Consistent with this view, technostress research indicates that 

individuals may experience anxiety and frustration when technological systems outpace their 

ability to adapt effectively (Pirkkalainen et al., 2023; Tran et al., 2024).

Similarly, the literature presents conflicting views on the role of AI in professional 

decision-making. While AI-assisted analytics are often associated with improved financial 

reporting accuracy and audit quality (Rahman et al., 2024; Stratopoulos & Wang, 2025), scholars 

also highlight the risks of excessive reliance on automated systems. In particular, the absence of 

robust governance frameworks may undermine professional skepticism and weaken 

accountability, raising important ethical and practical concerns (Dwivedi et al., 2021; Kokina et 

al., 2025).
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These contrasting perspectives highlight the complexity of technological transformation 

within professional environments. Rather than producing uniformly positive or negative 

outcomes, AI adoption appears to generate a range of effects that depend on organizational 

context, employee preparedness, and governance practices. This complexity reinforces the need 

for research that explores how accounting professionals interpret and respond to AI reskilling 

initiatives in practice.

Implications for the Present Study

The findings and gaps identified in the literature provide a clear and compelling rationale 

for the present study. Although existing research highlights the importance of workforce 

development in AI-enabled organizations, relatively little is known about how accounting 

professionals experience reskilling initiatives within their daily work environments (Choi & Xie, 

2025; Kokina et al., 2025b). This limitation is particularly significant, as understanding these 

lived experiences is essential for evaluating the effectiveness of reskilling programs and 

informing more human-centered approaches to AI implementation (Creswell & Poth, 2018; 

Dwivedi et al., 2021).

The present study therefore seeks to examine how AI reskilling influences accountants’ 

perceptions of productivity, job satisfaction, and ethical policy awareness within AI-enabled 

accounting organizations. By emphasizing employees lived experiences, the study aims to 

provide a nuanced understanding of how AI-driven transformation affects professional roles, 

performance, and workplace attitudes. Existing literature highlights that workforce reskilling 

plays a central role in enabling employees to effectively adapt to technological change while 

maintaining ethical standards and job satisfaction (Brynjolfsson et al., 2025; Kokina et al., 2021). 
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This research contributes to bridge the gap between technological adoption and human-centered 

implementation in accounting practice.

From a theoretical perspective, this study contributes to the Resource Based View (RBV) 

by emphasizing the central role of human capital in realizing the value of artificial intelligence 

(AI) within organizations. While RBV traditionally highlights the importance of strategic 

resources, this research extends the framework by demonstrating that employee reskilling and 

adaptive capabilities are essential for translating technological investments into meaningful 

organizational outcomes (Barney, 1991; Gerhart & Feng, 2021). In AI-enabled accounting 

environments, human expertise remains critical for interpreting outputs, exercising professional 

judgment, and ensuring ethical compliance (Dwivedi et al., 2021; Jarrahi, 2018).

From a practical perspective, the findings of this study may inform organizational 

strategies for implementing AI in a human centered and ethically responsible manner. By 

understanding how employees experience and interpret reskilling initiatives, organizations can 

develop more effective training programs that foster confidence, improve job satisfaction, and 

enhance ethical awareness (Aguinis & Kraiger, 2009; Pirkkalainen et al., 2023). Ultimately, this 

research supports the development of balanced AI strategies that integrate technological 

innovation with workforce capability development. Chapter Three presents the methodology 

used to investigate these issues, describing the qualitative phenomenological research design, 

participant selection criteria, data collection procedures, and analytical approach employed to 

examine how accounting professionals experience AI reskilling initiatives in practice.
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Summary

The synthesis presented throughout this review establishes both theoretical grounding and 

the empirical justification for the methodological approach adopted in the chapter that follows. 

Having demonstrated that the existing body of scholarship privileges organizational performance 

metrics and technological capability over the subjective realities of the professionals who must 

adapt to AI-enabled transformation, the review has surfaced a gap that cannot be adequately 

addressed through quantitative measurement or outcome-oriented analysis alone. The lived 

experience of accounting professionals undergoing reskilling, including the meanings they assign 

to shifting professional identities, the tensions they navigate between automation and expertise, 

and the ethical responsibilities they perceive in AI-driven environments, remains insufficiently 

understood. It is precisely this interpretive and experiential dimension that the present study was 

designed to illuminate, and it is for this reason that a qualitative, phenomenological orientation 

was determined to be the most appropriate means of inquiry.

The Resource-Based View framework that anchored this review further reinforces the 

need for such an approach. If, as the literature suggests, reskilled professionals constitute a 

valuable, rare, and difficult-to-imitate strategic asset, then a deeper understanding of how that 

human capital is formed, experienced, and sustained becomes essential to both theory and 

practice. The mechanisms through which technological investment is converted into durable 

competitive advantage are ultimately enacted by individuals, yet the perceptions, motivations, 

and interpretive frameworks of those individuals have received comparatively little scholarly 

attention. Chapter 3 presents the qualitative phenomenological methodology developed to 

address this gap, detailing the participants, instruments, data collection procedures, and data 

analysis strategies through which the research questions guiding this study were examined.
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            CHAPTER THREE

METHODOLOGY

This chapter provides a detailed description of the research methodology that will be 

employed in this phenomenological study of accounting professionals' experiences with AI 

driven reskilling. The chapter is organized into seven main sections: Research Method, 

Participants, Instruments, Data Collection, Data Analysis, Ethical Considerations, and Summary. 

Each section outlines the specific procedures, justifications, and considerations that guide the 

empirical investigation of how mid to senior level accounting professionals experience firm 

sponsored AI reskilling programs in relation to perceived productivity, job satisfaction, and 

ethical awareness.

Three research questions guide this study:

RQ1: What are the lived experiences of mid to senior level accounting 

professionals who have completed firm sponsored AI reskilling programs, particularly 

regarding perceived productivity?

RQ2: What are the lived experiences of mid to senior level accounting 

professionals who have completed firm sponsored AI reskilling programs, particularly 

regarding job satisfaction?

RQ3: What are the lived experiences of mid-to-senior level accounting 

professionals who have completed firm sponsored AI reskilling programs, particularly 

regarding ethical awareness?

These questions are designed to elicit rich, first-person accounts that illuminate how 

participation in AI reskilling initiatives shapes professional identity, work output, and moral 

reasoning among experienced accounting practitioners.
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Research Design

This study adopts a qualitative research methodology employing phenomenological 

research design, with reflexive thematic analysis as the analytic technique ((Braun & Clarke, 

2022; van Manen & van Manen, 2021). Qualitative methodology is the appropriate overarching 

approach because the study’s objective is to understand how accounting professionals 

subjectively interpret firm sponsored AI reskilling rather than to measure the statistical effect of 

reskilling on discrete performance variables (Alhazmi & Kaufmann, 2022; Creswell & Creswell, 

2023). Phenomenology, within the qualitative tradition, is specifically concerned with 

uncovering the essence of lived experience, the meaning individuals assign to a shared 

phenomenon, and the structures through which that phenomenon is constituted in consciousness 

(van Manen & van Manen, 2021). Because the research questions explicitly target the lived 

experiences of reskilled accountants, a phenomenological design offers direct methodological 

congruence between the study’s purpose and its means of inquiry (Alhazmi & Kaufmann, 2022).

The justification for this design rests on four mutually reinforcing considerations. First, 

phenomenology aligns with the study’s epistemological position, which treats meaning as 

intersubjective, contextual, and partial rather than fixed or universally measurable (Alhazmi & 

Kaufmann, 2022). Second, the design enables the interpretive depth required to capture how 

reskilled accountants experience the trust calibration, identity reshaping, and ethical reflection 

that accompany AI integration (Kokina et al., 2025a; Stratopoulos & Wang, 2025). Third, 

reflexive thematic analysis is a particularly strong analytic pairing with phenomenology because 

it enables researchers to generate patterned meaning across participants while foregrounding the 

active interpretive role of the researcher rather than claiming a posture of methodological 

neutrality (Braun & Clarke, 2021b, 2023). Fourth, the phenomenological design is 
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methodologically congruent with the study’s theoretical framework, the Resource Based View 

(RBV), because it operationalizes human capital as an experientially developed capability rather 

than a surface level credential, thus extending RBV into the subjective dimensions of reskilling 

outcomes (Dwivedi et al., 2021; Gerhart & Feng, 2021).

Before the qualitative phenomenological design was selected, two alternative designs 

were evaluated against the study's research questions, purpose, population, and feasibility 

constraints. Each alternative was found to be inappropriate for the reasons outlined in the 

subsections that follow. The evaluation process was guided by alignment between the research 

design and the study's central aim of understanding the lived experiences of licensed accountants 

who have undergone firm-sponsored AI reskilling initiatives. A systematic comparison of design 

options ensured that the selected methodology was not chosen arbitrarily, but rather through a 

deliberate and rigorous process of elimination grounded in established qualitative research 

criteria (Creswell & Poth, 2018). Selecting the most appropriate research design is a foundational 

decision in qualitative inquiry, as the chosen methodology must authentically reflect the 

ontological and epistemological assumptions that underpin the research questions and the nature 

of the phenomenon under investigation (Merriam & Tisdell, 2016). A correlational design was 

considered because of its capacity to measure statistical relationships between reskilling 

exposure and outcome variables such as self-reported productivity scores, job satisfaction 

indices, and ethics awareness assessments across large samples of accounting professionals 

(Creswell & Creswell, 2023); however, this design was rejected because the research questions 

are oriented toward lived experience and the subjective dimensions of undergoing AI reskilling, 

rather than toward the covariation of discrete variables, and reducing lived experience to 
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standardized numeric indicators would strip away precisely the interpretive content the study 

aims to capture (Vagle, 2024; van Manen & van Manen, 2021).

A case study design was considered as an alternative within the qualitative family, as this 

approach is well suited to investigating contemporary phenomena within bounded, real-world 

contexts through the triangulation of multiple data sources, including documents, observations, 

and interviews (Hancock et al., 2021; Priya, 2021). A single-firm or multi-firm case study could, 

in principle, examine how AI reskilling unfolds inside specific accounting organizations and how 

organizational features shape training outcomes across institutional settings. This design was 

ultimately rejected, however, because the unit of interest in the present study is the individual 

accountant's lived experience of AI reskilling across firms, rather than the firm itself as a 

bounded organizational system, which fundamentally inverts the analytic priority that case study 

methodology assumes (Hancock et al., 2021). Case study logic is premised on understanding a 

phenomenon through its contextual embeddedness within a specific site or system, whereas the 

present study seeks to distill the essence of a shared human experience across participants 

regardless of their organizational affiliation (van Manen & van Manen, 2021; Yin, 2018). 

Imposing a case study framework onto research questions that are inherently experienced 

centered and cross-contextual would therefore misalign the methodology with the 

epistemological assumptions of the study and risk privileging organizational context over 

individual meaning-making, which is the phenomenon of primary concern (Merriam & Tisdell, 

2016).

Participants

The population for this study encompasses approximately 65,000 active licensed 

Certified Public Accountants (CPAs) currently practicing in California the largest concentration 
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of licensed accounting professionals in the nation, regulated by the California Board of 

Accountancy (CBA) who have been exposed to artificial intelligence tools within their 

professional work environment (California Assembly Committee on Business and Professions 

[CA-ABP], 2024; U.S. Bureau of Labor Statistics [BLS], 2024). This population represents a 

professionally significant subset of the approximately 1.6 million licensed accounting and 

auditing professionals employed across the United States and serves as the contextually 

appropriate boundary for this study given California's regulatory environment and concentration 

of technologically advanced accounting firms (AICPA, 2023). Research indicates that only 25% 

of accounting firms are actively investing in AI training for their teams, despite 82% expressing 

enthusiasm about AI's potential, revealing a critical reskilling gap that this study directly 

examines (Karbon, 2024).

The target population for this study consists of mid- to senior-level CPAs practicing 

within California who have participated in at least one formal, firm-sponsored AI reskilling 

program within the preceding three years. This boundary criterion is grounded in empirical 

evidence that AI adoption within professional services firms has accelerated substantially since 

2022, with Thomson Reuters (2024) documenting that 77% of tax and accounting professionals 

now anticipate AI to have a high or transformational impact on their work within five years a 10-

percentage-point increase from the prior year underscoring that experiences predating this 

accelerated adoption cycle would not adequately reflect current AI deployment realities. This 

subgroup is selected for three reasons. First, mid- to senior-level professionals possess sufficient 

tenure and organizational influence to reflect meaningfully on how reskilling affects 

productivity, job satisfaction, and ethical awareness (Tiron-Tudor et al., 2025). Second, 

California represents a jurisdiction with a high concentration of technologically advanced 
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accounting firms and a strong regulatory emphasis on professional ethics, making it a 

contextually rich environment for this study (AICPA, 2023). Third, restricting the timeframe to 

three years ensures that participants' experiences are recent enough to be recalled with clarity and 

relevance to the current AI deployment landscape, as rapidly evolving AI tools require 

contemporaneous, rather than retrospective, professional engagement to yield 

phenomenologically meaningful data (Choi & Xie, 2025; Thomson Reuters, 2024).

The sample for this study consists of 7 to 15 participants drawn from the target 

population through purposeful sampling, or until thematic saturation is achieved, a strategy 

appropriate for phenomenological inquiry that prioritizes information-rich cases over statistical 

representativeness (Creswell & Poth, 2018; Patton, 2015). Saturation will be determined when 

no new themes or meaningful variations emerge across successive interviews, consistent with the 

principles of reflexive thematic analysis as articulated by Braun and Clarke (2022). This sample 

size is consistent with the recommendations of Moustakas (1994), who identifies 5 to 25 

participants as appropriate for phenomenological studies, and aligns with van Manen (2016), 

who emphasizes that depth of lived experience, rather than sample breadth, drives 

phenomenological validity.

The study will employ purposeful sampling using two complementary techniques: 

criterion-based sampling and snowball sampling. Criterion based sampling will ensure that all 

participants meet the following defined eligibility requirements: (a) hold an active CPA license 

or equivalent professional credential in California; (b) occupy a mid- to senior-level position 

such as senior accountant, manager, senior manager, or partner; (c) have completed at least one 

structured AI reskilling program offered by their employer within the past three years; and (d) 

are willing to discuss their professional experiences candidly in a recorded interview. Snowball 
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sampling will be employed secondarily to identify additional eligible participants through 

professional networks and peer referrals, a technique particularly well-suited to studies involving 

specialized, difficult-to-access, or professionally sensitive populations (Creswell & Poth, 2018).

Instruments

The primary data collection instrument for this study is a semi structured interview 

protocol developed specifically to explore accounting professionals who have lived experiences 

with AI reskilling programs. Semi structured interviews are particularly well suited to 

phenomenological inquiry because they allow participants to share their experiences in their own 

words while providing the researcher with sufficient structure to ensure that all research 

questions are addressed systematically (Alhazmi & Kaufmann, 2022; Creswell & Poth, 2018). 

This method strikes a balance between the rigidity of fully structured surveys and the 

unpredictability of unstructured conversations, enabling deep exploration of participants' 

meanings while maintaining focus on the study's core constructs: perceived productivity, job 

satisfaction, and ethical awareness.

The interview protocol consists of three main sections designed to guide the semi 

structured interview process consistent with recommendations for phenomenological inquiry 

(Creswell & Poth, 2018; Seidman, 2019). The opening section establishes rapport, explains 

informed consent procedures, and confirms participant eligibility prior to data collection. The 

core section contains open ended questions aligned to each of the three research constructs 

perceived productivity, job satisfaction, and ethical awareness with flexibility for follow up 

probes to clarify responses, explore contradictions, and encourage deeper reflection on lived 

experience. The closing section invites participants to offer any additional reflections and 

expresses gratitude for their contribution to the study. The complete interview protocol is 
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provided in Appendix A. To establish content validity of the interview protocol, to establish 

content validity of the interview protocol, the protocol was provided to subject matter experts 

(SMEs) for review, as documented in Appendix B. Each SME independently reviewed the semi-

structured interview questions to assess their clarity, relevance, and alignment with the three 

research constructs: perceived productivity, job satisfaction, and ethical awareness. Content 

validity of the interview protocol was established through careful alignment with the three 

research constructs and the semi-structured interview questions. The protocol was designed to 

assess clarity, relevance, and alignment with the three research constructs: perceived 

productivity, job satisfaction, and ethical awareness. The semi-structured interview format was 

selected to elicit the lived experiences of the target participant population prior to data collection. 

The complete interview protocol is provided in Appendix C.

Data Collection

Data collection will not begin until IRB approval is received. Participant recruitment will 

be conducted through purposive sampling, leveraging professional networks, LinkedIn outreach, 

and referrals from accounting associations to identify individuals who meet the study's eligibility 

criteria. Recruitment communications will include a brief description of the study's purpose, the 

nature of participation, and the anticipated time commitment, enabling prospective participants 

to make an informed preliminary decision about their interest. Once a prospective participant 

expresses interest and confirms eligibility, a comprehensive overview of the study will be 

provided, including its purpose, procedures, potential risks, and participant rights. The Informed 

Consent Form will then be delivered to the prospective participant for thorough review. Upon 

receipt of the signed consent document, a mutually convenient interview time will be 

coordinated with each participant.
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Data collection will proceed through semi-structured interviews conducted individually 

with each participant. Interviews will be conducted via Zoom, utilizing the platform's built-in 

transcription feature to ensure accurate and secure capture of participant responses. Each 

interview is expected to last between 30 and 45 minutes, consistent with recommended durations 

for phenomenological inquiry that allow sufficient depth of exploration while respecting 

participants' time (Seidman, 2019). All interviews will be recorded with explicit participant 

consent obtained prior to initiation. Transcripts generated through Zoom will be reviewed for 

accuracy immediately following each session. Participants will be offered the opportunity to 

review and clarify their transcripts to support member checking, a practice that enhances 

credibility by allowing participants to confirm the accuracy of the record and add contextual 

nuance while the experience remains fresh (Creswell & Poth, 2018; Lincoln & Guba, 1985).

In addition to transcribed interviews detailed field notes will be maintained during and 

immediately after each interview. These notes will capture nonverbal cues, emotional tone, 

contextual observations, and initial impressions that may not be evident in the transcript alone. A 

reflexive journal will also be maintained throughout the data collection process to document 

evolving interpretations, biases, assumptions, and emotional reactions to the data. Reflexive 

journaling is a critical component of phenomenological rigor because it makes the researcher's 

positionality transparent and supports the bracketing process central to phenomenological 

reduction (Vagle, 2024).

Data Analysis

Data analysis will be conducted through Reflexive Thematic Analysis (RTA) following 

Braun and Clarke's (2022) six-phase framework. This approach is epistemologically aligned with 

the study's constructivist phenomenological design, treating meaning as actively constructed 
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through sustained interpretive engagement between the researcher and the data rather than 

passively discovered within it (Braun & Clarke, 2019). RTA's explicit acknowledgment of 

researcher positionality as constitutive of the analytical process is particularly appropriate given 

the researcher's 25 years of professional experience in accounting and tax consulting, which 

serves as an epistemological resource rather than a source of bias (Byrne, 2022; Yip, 2024).

The six phases will be applied recursively and iteratively across the dataset. In Phase 1, 

all interview transcripts will be read in their entirety multiple times, with the researcher 

producing initial reflective notes capturing preliminary observations, questions, and interpretive 

reactions to ensure comprehensive data familiarization prior to systematic coding (Braun & 

Clarke, 2022). In Phase 2, NVivo qualitative data management software will be employed to 

support the organization and retrieval of coded segments, with codes capturing both semantic 

content and latent meaning applied consistently and comprehensively across the full dataset 

(Dhakal, 2022; Kiger & Varpio, 2020). All coding decisions remain the researcher's interpretive 

acts; NVivo does not automate analytical judgment. In Phase 3, codes sharing conceptual and 

thematic affinity will be collated into candidate themes, with theme maps constructed to 

visualize relationships among codes and emerging patterns of meaning (Braun & Clarke, 2022). 

In Phase 4, candidate themes will be evaluated against the coded dataset and full transcripts to 

assess internal coherence and external distinctiveness, with themes refined, merged, or 

disaggregated as warranted (Braun & Clarke, 2019). In Phase 5, finalized themes will be 

precisely defined with clear conceptual boundaries, and analytical narratives will be developed 

articulating each theme's significance in relation to the research questions (Braun & Clarke, 

2022). In Phase 6, the scholarly write-up will integrate rich illustrative participant quotations 
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within interpretive analytical narrative, moving beyond descriptive summary toward theoretically 

grounded insight (Nowell et al., 2017).

Reflexivity will be operationalized throughout the analytical process through a dedicated 

reflexive journal documenting analytical decisions, interpretive choices, emergent assumptions, 

and conscious connections between professional experience and emerging analysis (Bukamal, 

2022; Byrne, 2022). Regular analytical memos will interrogate coding decisions by examining 

what is being foregrounded and backgrounded, whose voices are represented, and what 

alternative interpretations remain plausible. Peer debriefing with dissertation committee 

members will provide structured opportunities to surface taken-for-granted assumptions and 

consider alternative analytical directions (Lincoln & Guba, 1985; Nowell et al., 2017).

Quality and trustworthiness will be established in accordance with Lincoln and Guba's 

(1985) criteria of credibility, transferability, dependability, and confirmability. These criteria will 

be operationalized through comprehensive and systematic coding, multiple rounds of iterative 

theme review, and transparent documentation of analytical decisions. Additionally, rich and 

purposive use of participant quotations, reflexive journaling, and peer debriefing will further 

support the credibility and confirmability of findings (Enworo, 2023; Nowell et al., 2017).

Ethical assurances

The study will adhere to institutional ethical guidelines and principles related to respect 

for persons, beneficence, confidentiality, and voluntary participation to ensure the protection of 

all participants. Ethical conduct will be maintained throughout every phase of the research, from 

participant recruitment and data collection through analysis and final reporting. The researcher 

acknowledges a professional and moral obligation to uphold these standards, recognizing that the 
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integrity of the study depends upon the trust and safety of each participant (Creswell & Poth, 

2018).

IRB approval will be received before initiating any data collection activities. Participants 

will receive a detailed informed consent form explaining the purpose of the study, research 

procedures, potential risks and benefits, confidentiality protections, and participants’ rights to 

withdraw from the study at any time without penalty. Informed consent ensures that participation 

is voluntary and based on a full understanding of the research process (Creswell & Poth, 2018).

To protect participant identities, pseudonyms will be assigned to all participants, and any 

identifying organizational information will be removed from interview transcripts and research 

findings. Electronic data, interview recordings, and transcripts will be securely stored on 

password-protected devices accessible only to the researcher. All collected data will be 

maintained according to university data retention policies and securely destroyed after the 

required retention period.

Interview questions will remain focused on professional experiences related to AI 

reskilling and ethical workplace adaptation to reduce unnecessary emotional stress on 

participants. Questions will be framed to elicit reflections on workplace practices, skill 

development, and professional identity rather than personal hardships or sensitive private 

matters. Should a participant exhibit signs of discomfort at any point during an interview, the 

line of questioning will be redirected, and the participant will be reminded of the right to decline 

any question or discontinue the interview without penalty.

Quality and trustworthiness will be established in accordance with Lincoln and Guba's 

(1985) criteria of credibility, transferability, dependability, and confirmability. These criteria will 

be operationalized through comprehensive and systematic coding of interview data, multiple 
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rounds of iterative theme review, and transparent documentation of all analytical decisions made 

throughout the coding process. Additionally, quality will be ensured through rich and purposive 

use of participant quotations, reflexive journaling to surface researcher assumptions, and peer 

debriefing with dissertation committee members who will provide structured opportunities to 

challenge coding decisions, consider alternative interpretations, and surface taken for granted 

assumptions (Enworo, 2023; Nowell et al., 2017). Should a participant exhibit signs of distress 

during the interview, the researcher will pause, offer reassurance, and remind the participant of 

their right to withdraw at any time without penalty.

Trustworthiness and credibility will be strengthened through reflexive thematic analysis, 

careful documentation of coding procedures, and maintaining an audit trail throughout the study. 

Reflexivity will help the researcher recognize and manage personal assumptions and potential 

biases that could influence interpretation of the findings (Braun & Clarke, 2021a). These ethical 

assurances support the integrity, transparency, and credibility of the research while protecting the 

rights and well-being of participants.

Ethical Considerations

Comprehensive Informed Consent Process. All participants will receive and sign a 

comprehensive informed consent document clearly explaining the study's purpose, procedures, 

time requirements, potential risks, benefits, and participant rights. Participation is entirely 

voluntary; individuals may decline or withdraw at any time without penalty, explanation, or 

negative repercussion. The consent document will assure participants that their responses will 

not be shared with their employers and that the researcher maintains full independence from any 

participating organization. Participants will retain a copy of the signed consent form for their 

records.
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Member Checking and Participant Validation. Within two weeks of each interview, 

participants will receive their anonymized transcript for review, verification, and feedback. This 

process respects participants' autonomy by acknowledging them as co-creators of knowledge 

rather than merely data sources. Participants may request that statements be removed, clarified, 

or contextualized before analysis proceeds. Member checking also allows participants to confirm 

that transcripts contain no identifying information and that anonymization is complete.

Transparent Communication and Independent Recruitment. Recruitment materials will 

clearly describe the study, explain the role of the researcher, and emphasize that the researcher 

operates independently of any participating organization. Recruitment messages will explicitly 

state that declining participation will not affect employment, professional standing, or access to 

services, protecting the entirely voluntary nature of consent and preventing any form of subtle 

coercion.

Summary

This chapter outlined the methodological framework for this phenomenological study of 

accounting professionals' experiences with AI driven reskilling. The research employs a 

qualitative phenomenological design with reflexive thematic analysis as the primary analytical 

technique. The target population consists of 7-15 mid to senior-level licensed accountants in 

California who have completed firm-sponsored AI reskilling programs within the past three 

years. Data will be collected through semi-structured interviews using a carefully developed 

interview protocol, with additional field notes and reflexive journaling to enhance 

methodological rigor.

The chapter provided detailed justification for the selection of reflexive thematic analysis 

over alternative methods (Colaizzi's phenomenological method and Interpretative 
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Phenomenological Analysis), demonstrating how RTA's theoretical flexibility, reflexive stance, 

and systematic six-phase process align optimally with the study's research objectives, 

epistemological positioning, and practical constraints. The implementation strategy outlined 

specific procedures for familiarization, coding, theme development, quality assurance, and 

reflexivity practices that will ensure credible, trustworthy findings grounded in participants lived 

experiences. Chapter Four will present the results of this analysis, organized by research 

questions and supported by rich participant quotations and thick descriptions.
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CHAPTER FOUR

RESULTS

Chapter Four is where the results from this project are articulated in response to the 

research questions. An introduction of the chapter is provided which includes a brief overview of 

the focus of the study and the research questions. Next, describe the participants. The results will 

follow in response to the research questions. Generally, the results are presented by research 

questions. A brief interpretation or meaning without discussion is reported. Only the amount of 

explanation necessary to help the reader understand the basis for the outcomes of the results is 

included. Articulate how the results lead to a specific finding which will be discussed in Chapter 

Five. The report of the results must be thorough enough for the reader to make an independent 

judgment about the research. Summarize the overall findings established from the results 

presented. 

For qualitative studies, present the themes which emerged in response to the research 

questions. Subheadings are used for themes associated with research questions. For quantitative 

studies, present the results obtained in directly answering the research question.

The following provides an overview of what is included in this chapter.

Introduce  results. No heading is to follow the chapter heading.

Required content checklist to ensure completeness of the section:

 The introduction is brief and includes the focus of the study and research questions.

Participants
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Discussion of  participants.  Provide any details  of  the participants  if  the details  relate 

specifically to the research questions. For Qualitative and Quantitative studies present a description 

of each participant in the study. 

Required content checklist to ensure completeness of the section:

 For qualitative studies each participant is clearly described. For qualitative 

systemic literature reviews and quantitative studies there is a general demographic 

description of participants.

Here is a table format for structuring the General Description of Participants section:

Category Description Table 
Reference

Demographics Includes participant specializations, research interests, 
educational backgrounds, and publication targets. Most 
participants were in doctoral programs, with some in 
Master’s programs and one postdoctoral candidate.

Table A1

Publication 
Experience

Of the 143 participants, 103 responded regarding prior 
publishing experience. 62% (n = 64) reported previous 
publication experience, while 37% (n = 39) had none.

Table A2

Publication 
Channels

Participants who have published before used various 
channels such as peer-reviewed journals, conference 
papers, and grant proposals.

Table A2

Time Since First 
Publication

The majority of published participants had been 
published for fewer than four years.

Table A3

Publication 
During 
Coursework

44% (n = 39) published while attending classes, 14% 
(n = 12) had not, and the remainder marked the 
question as not applicable.

Table A3

Future Publication 
Intentions

94% (n = 83) of participants expressed a desire to 
publish in the future.

Table A3

Institution Type More than half of the participants attended public 
universities.

Table A4
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Employment 
Status

Teaching assistant (TA) and research assistant (RA) 
positions were the most common among participants.

Table A5

English & 
Composition 
Courses – 
Undergraduate

75% (n = 63) took only the minimum undergraduate 
requirements, while 18% (n = 15) exceeded them.

Table A6

English & 
Composition 
Courses – High 
School

57% (n = 48) met only the minimum high school 
English requirements, while 32% (n = 27) took 
additional coursework.

Table A6

Guidance for Using the Table

• Each table referenced should be accompanied by a narrative that explains the data, providing 

context and interpretation.

• Ensure clear labeling of each table (A1, A2, etc.) within the manuscript to maintain 

consistency.

• The description of participants should align with the study’s research objectives, 

highlighting relevant characteristics.

• If conducting content analysis, categorize and label data systematically, ensuring clarity for 

future researchers.

This structured format ensures clarity while maintaining a detailed and organized presentation of 

participant characteristics.

Results Research Question One

Introduction provides the aim of the question. Context for the range of possibilities. 

Assert themes or significant results. For qualitative studies, present each research question(s) 

followed by themes. Subheadings are used for themes associated with the research question. 
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Information under subheadings is three (3) or more paragraphs and each theme must include at 

least two quotes. For quantitative studies, present the results obtained in directly answering the 

research questions followed by whether the null or alternative hypothesis was accepted. The 

research questions will be presented as level one headings followed by themes that will be listed 

as level two headings. For each theme, demonstrate how study results related to the literature 

review (with citations).

Introduction provides the aim of the question and context for the range of possibilities. 

Assert themes or significant results.

Theme One

Discussions for subheadings are three or more paragraphs.

Theme Two

Discussions for subheadings are three or more paragraphs.

Discussion Research Question One

Note: Repeat this process for each research question in your study.

Articulate how the evidence presented supports or leads to a specific finding or findings. 

Describe any links to the applicable theory or framework. 

Required content checklist to ensure completeness of the section:

 Themes are unique to the study and information obtained through data collection.

 Qualitative themes: include a statement of the number of participants supporting 

the theme and each theme contains two quotes. 
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 Quantitative studies: present the statistical results.

 Quantitative studies: state if the null or alternative hypothesis is accepted. 

Summary

In one or two paragraphs, provide a summary of the chapter and transition to Chapter 

Five. Please remember that new research should not be included in a summary. This is a 

summary of what this chapter includes.

CHAPTER FIVE

DISCUSSION
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Chapter Five is where the discussion of the findings from the study is presented. The 

discussion should align the findings with the theoretical and conceptual framework that was 

defined in Chapter Two. Begin with a brief overview of the study which includes the problem, 

purpose, research questions, theory, and brief description of the methodology.

Required content checklist to ensure completeness of the section:

 The overview includes a brief statement of the problem.

 A brief purpose statement is presented.

 The research questions are stated exactly as they were in chapter one.

 There is a brief description of the theory.

 There is a brief description of the methodology.

Findings

Next the candidate asserts and connects the findings to the predominate studies identified 

in the literature review, indicating how the results relate to this literature and provides 

explanations for the findings. Although much of this creative emphasis will be revealed in how 

the results are correlated with the existing literature, the significance of the findings beyond data 

analysis should be speculated. Provide a discussion regarding changes in the limitations or 

delimitations of the research.

Required content checklist to ensure completeness of the section:

 Remember, your goal is to provide the definitive answer to your research question 

given your framing strategy, stakeholders, and audiences.
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Definitive Answer to Research Questions: Summary of Findings

Research 
Question

Key 
Findings

Comparison to 
Literature

Stakeholder Relevance Definitiv
e Answer

RQ1: 
[Insert 
Research 
Question]

Summarize 
the core 
findings 
related to 
this 
question. 
Briefly 
outline key 
results 
addressing 
this 
question. 
Highlight 
the main 
insights.

Compare findings with 
existing research, and 
listed theories. Identify 
areas of alignment or 
divergence. Discuss 
how findings confirm, 
challenge, or refine 
existing literature. 
Compare the findings 
to theoretical 
frameworks and prior 
studies.

Explain how this finding 
impacts key stakeholders (e.g., 
policymakers, educators, 
industry professionals). 
Describe practical applications 
and significance for targeted 
audiences. Explain how this 
finding influences decision-
making or policy.

Provide a 
clear, 
definitive 
answer 
based on 
study 
results 
and 
analysis.

RQ2: 
[Insert 
Research 
Question]

Summarize 
the core 
findings 
related to 
this 
question. 
Briefly 
outline key 
results 
addressing 
this 
question. 
Highlight 
the main 
insights.

Compare findings with 
existing research, and 
listed theories. Identify 
areas of alignment or 
divergence. Discuss 
how findings confirm, 
challenge, or refine 
existing literature. 
Compare the findings 
to theoretical 
frameworks and prior 
studies.

Explain how this finding 
impacts key stakeholders (e.g., 
policymakers, educators, 
industry professionals). 
Describe practical applications 
and significance for targeted 
audiences. Explain how this 
finding influences decision-
making or policy.

State the 
direct 
conclusio
n drawn 
from the 
research.

RQ3: 
[Insert 
Research 
Question]

Summarize 
the core 
findings 
related to 

Compare findings with 
existing research, and 
listed theories. Identify 
areas of alignment or 

Explain how this finding 
impacts key stakeholders (e.g., 
policymakers, educators, 
industry professionals). 

Offer a 
precise 
answer 
grounded 
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this 
question. 
Briefly 
outline key 
results 
addressing 
this 
question. 
Highlight 
the main 
insights.

divergence. Discuss 
how findings confirm, 
challenge, or refine 
existing literature. 
Compare the findings 
to theoretical 
frameworks and prior 
studies.

Describe practical applications 
and significance for targeted 
audiences. Explain how this 
finding influences decision-
making or policy.

in data 
and 
analysis.

Key Considerations for Crafting Your Answer:

• Framing Strategy: Ensure your answer aligns with the theoretical framework and scope of the 

study.

• Evidence-Based: Use findings to support the answer, avoiding speculation.

• Stakeholder Focus: Directly address how the answer impacts intended audiences.

• Clarity and Precision: Provide a definitive conclusion, not just a summary of data.

Table of what should be included with your Themes, Patterns, and Hypothesis Test Outcomes

Theme/
Pattern/

Hypothesis

Summary of Findings Comparison with 
Literature & Theory

Relevance & 
Implications

Theme 1: [Most 
Significant 
Theme Lacking 
in Literature]

Briefly summarize the key 
finding related to this 
theme.

Discuss how this theme 
diverges from or expands 
upon existing literature 
and theories.

Explain why this 
finding is important 
to the research 
problem and its 
implications for 
stakeholders.

Theme 2: 
[Insert Theme 
Title]

Summarize the findings for 
this theme.

Compare findings with 
existing research and 
theories. Identify any 
gaps or confirmations.

Discuss how this 
theme contributes to 
the field and its 
practical 
significance.
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Theme 3: 
[Insert Theme 
Title]

Summarize the key results. Analyze whether the 
findings align with or 
contradict previous 
studies.

Explain its 
importance and 
potential applications 
for stakeholders.

Hypothesis Test 
1: [Insert 
Hypothesis]

State the outcome (e.g., 
supported or not 
supported). Include 
statistical significance if 
applicable.

Compare results with 
existing theories and 
prior research.

Discuss what this 
result means for 
future research or 
practical 
applications.

Hypothesis Test 
2: [Insert 
Hypothesis]

Summarize the statistical 
outcome.

Analyze the alignment or 
divergence with previous 
studies.

Discuss the 
significance of the 
finding in the 
research context.

• Clarity and Directness: Keep explanations simple and avoid fallacies or misleading 

arguments.

• Prioritization: Begin with the most significant theme that is not well-covered in the literature.

• Critical Analysis: Highlight both similarities and divergences between findings and existing 

theories.

• Stakeholder Relevance: Emphasize how findings impact researchers, practitioners, 

policymakers, or other relevant groups.

• Findings related to research questions are clearly presented.

• Findings are connected to literature.

• There is a discussion of how each finding is generalizable or transferable depending on 

the type of study.

Implications for Professional Practice
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The candidate will present a discussion of the implications of the study for professional 

practice and scholarly work in the field of business.  Included are any recommendations for 

changes in concepts and knowledge or any recommended changes applied to clinical practice. 

All implications are to be linked explicitly to specific results from the candidate’s study.

Required content checklist to ensure completeness of the section:

 There are clear and specific recommendations for professional practice.

  Recommendations are linked to the results.
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Recommendations for Research

Additionally, the candidate will present suggested future research topics based on the 

study that could expand this field of knowledge, or which will direct scholars to new areas for 

further exploration.

Required content checklist to ensure completeness of the section.

 There are clear recommendations for future studies.

 The recommendations encompass the area of the field of business that will be 

expanded by research. 

Conclusions

Finally, the candidate will summarize personal insights and any final reflections in the 

conclusion of the study.

Required content checklist to ensure completeness of the section:

 There is a clear indication of insights.
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APPENDIX B– SME Validation Letters 

The following appendix includes subject matter expert validation letters obtained to 

support the development and review of the semi-structured interview protocol used in this 

doctoral study. These letters document the review of the interview instrument by qualified 

accounting and finance professionals with relevant industry experience. The purpose of obtaining 

SME validation was to assess the clarity, relevance, appropriateness, and alignment of the 

interview questions with the study’s research purpose, research questions, and target participant 

population.

The SME reviewers evaluated whether the interview protocol was suitable for exploring 

the lived experiences of mid-to-senior Certified Public Accountants in California regarding 

artificial intelligence adoption and professional reskilling. Their feedback supports the use of the 

interview protocol as an appropriate qualitative data collection instrument for this 

phenomenological study. The letters included in this appendix provide evidence that the protocol 

was reviewed by professionals with practical knowledge of accounting practice, technology-

related workplace change, and professional competency expectations within the accounting field.
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APPENDIX C

Final Revised Semi-Structured Interview Protocol

Reskilling Accounting Professionals for the AI Era: A Phenomenological Study

Purpose: This protocol guides the researcher in conducting semi structured qualitative 

interviews with mid- to senior-level licensed accounting professionals in California who have 

participated in a structured, employer-sponsored program involving the adoption or application of 

artificial intelligence tools. The protocol is organized in three sections: opening, core (aligned to 

three  research  questions),  and  closing.  All  questions  are  open-ended.  Bracketed  probes  are 

suggested follow-up prompts; interviewers should use them as needed to elicit elaboration but are 

not required to ask them in every interview.

Interview Duration: Approximately 10–30 minutes

Recording: Audio and video recording with participant consent

Platform: HIPAA-compliant video conferencing (e.g., encrypted Zoom)

Section I: Opening and Rapport Building

Instructions: Begin by thanking the participants for their time, reminding them of the 

voluntary and confidential nature of the interview, confirming consent to record, and explaining 

that there are no right or wrong answers you are interested in their individual experience.

1.  Could  you  briefly  describe  your  current  professional  role  and  the  type  of 

organization you work for?

2. How long have you been working in the accounting profession, and at what point 

in your career did your organization introduce artificial intelligence tools?
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3. Can you describe, in general terms, the AI reskilling or technology training 

program your organization provided? What did it involve, and how long did it last?

[Transition to core questions: "Thank you for that background. I would now like to ask you 

some more detailed questions about your experience with this program, beginning with how it has 

affected your day-to-day work."]

Section II: Core Questions

Research Question 1 — Perceived Productivity

Focus:  How  has  the  AI  reskilling  program  affected  the  participant's  self-perceived 

productivity and work efficiency?

4. In what ways, if any, has the program affected your efficiency in completing your 

daily accounting tasks?

[Probe: Can you walk me through a specific example of a task that changed after the 

program either for better or for worse?]

5. Describe how your approach to routine accounting work has changed, if at all, 

since completing the program.

[Probe:  Are  there  tasks  you now complete  differently,  more  quickly,  or  with  greater 

confidence? Are there any that have become more complicated?]

6.  Have  there  been  moments  since  completing  the  program  where  you  felt 

particularly capable or, conversely, particularly challenged in your work? Please describe 

one of those moments.

7. In your own words, what does being productive in your role mean to you now 

compared to before you participated in this program?
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Research Question 2 — Job Satisfaction

Focus:  How  has  the  AI  reskilling  program  affected  the  participant's  perceived  job 

satisfaction?

[Transition: "The next questions shift our focus from how the program has affected your 

work tasks to how it has affected your overall sense of satisfaction and engagement in your  

professional role."]

8. How has participating in this program affected your overall sense of satisfaction 

with your work?

[Probe: Can you describe a specific moment—during or after the program—when your 

relationship to your work felt different in some way?]

9. Has this training changed the degree to which your work feels meaningful to you? 

Please describe.

[Probe: Has the training changed how you see your role in the organization, or how you 

think about the value of what you do?]

10. How do you feel about your professional future in the accounting field after 

completing this program?

[Probe: Have your feelings about career advancement, job security, or your long-term 

trajectory in the profession changed?]

11. Has the way your colleagues or supervisors treat you or perceive you changed at 

all since completing the program? How does that affect how you feel about your work?

[Optional  Probe  —  Leadership  Support:  To  what  extent  has  your  firm's  leadership 

supported or encouraged your use of the skills learned in the program?]
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Research Question 3 — Ethical Policy Awareness

Focus: How has the AI reskilling program shaped the participant's awareness of ethical 

obligations and firm policies related to AI use?

12. Describe any training you received about the responsible or ethical use of AI 

tools as part of your organization's program.

[Probe: Was there a specific session, module, or conversation dedicated to this topic, or was 

it integrated throughout?]

13. How has the program, if at all, influenced how you think about issues such as the 

possibility that AI tools may produce results that unfairly advantage or disadvantage certain 

groups, or rules about how client data may be used, stored, or shared when AI tools are 

involved?

[Probe: Before the program, how aware were you of these concerns? Has your level of 

awareness changed?]

14. Does your firm have written policies or guidelines governing the ethical use of 

AI tools? If so, were these introduced or updated as part of your reskilling program?

[Probe: Have you ever referred to or applied these policies in your daily work? Can you 

describe a situation where they were relevant?]

15. In your view, how well does your firm's approach to AI ethics and responsible 

use prepare accounting professionals to handle real-world ethical challenges? What, if 

anything, do you think is missing?
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Section III: Closing

Instructions:  Signal  the  transition  to  the  closing  portion  of  the  interview.  Thank  the 

participant for their openness and begin to wind down the conversation.

16. Looking back across everything we have discussed today the changes to your 

work,  your  sense  of  professional  satisfaction,  and  your  understanding  of  ethical 

responsibilities—how would you summarize the overall impact this program has had on 

you as a professional?

17. If you could change one thing about your firm's AI reskilling program, what 

would it be and why?

18. Is there anything about your experience with this program that we have not 

discussed but that you feel is important for me to understand?

[Close: Thank the participant, confirm that the recording is being stopped, remind them that 

all data will be de-identified and stored securely, describe member checking procedures, and 

provide researcher contact information for any follow-up questions.]
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APPENDIX: E CITI Program Completion Certificate




	This qualitative study seeks to address this gap by exploring the lived experiences of mid- to senior level accounting professionals who have participated in firm-sponsored AI reskilling programs. Through rich, firsthand narratives, the study aims to uncover how these programs influence perceived productivity, job satisfaction, and ethical awareness. By prioritizing the human dimension of AI integration, the research has the potential to generate practical, experience driven insights that inform more effective, ethically grounded, and human-centered AI implementation strategies within the accounting profession The population for this study will consist of mid- to senior level accounting professionals employed at U.S.-based accounting firms that have implemented internal AI reskilling initiatives within the past three years. Participants will be purposefully selected to ensure they have direct experience with structured reskilling programs and can provide informed perspectives on the personal and professional impacts of AI integration. This population is particularly relevant due to their dual role as decision influencers and knowledge workers positioning them uniquely to reflect on both operational and ethical dimensions of AI adoption in the accounting field.
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